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Abstract: The introduction of artificial intelligence (AI) has altered the nature of competition by transforming the methods used 

by organizations to create value. While existing literature has examined separate aspects of AI capabilities or platform ecosystems 

or data-driven strategies and network effects, research has not yet focused on how these various concepts relate to one another. The 

current conceptual paper seeks to bridge that gap. It lays a foundation for a theoretical framework that allows understanding of how 

AI-based capabilities of organizations are translated into dynamic competitive positioning through the use of strategic intelligence, 

platform ecosystem orchestration, and network effects. Based on the Resource-Based View, the Dynamic Capabilities Theory, the 

Knowledge-Based View, the Platform Ecosystem Theory, and the Network Effects Theory, the paper synthesizes complementary 

strategic insights into a single conceptual framework that builds upon the existing explanations of competitive advantage based on 

the fixed resources of firms. The concept of the proposed competitive positioning is based on the idea of the AI-Driven Competitive 

Positioning Architecture (AICPA), which posits that competes positioning is a dynamic and constantly developing strategic ability 

maintained by the recursive feedback of AI and data responses within the market, which creates new data that improves AI learning, 

reinforces strategic intelligence, generates value in the ecosystem, and reinforces network effects over time. By doing this, the 

paper will transform the theoretical discussion about AI as an independent technological tool into the interpretation of AI as the 

enabler of dynamic strategic frameworks that enable the consistent creation of organizational competitiveness. The paper also 

formulates a sequence of theoretically based propositions to describe how the main constructs of the framework are related to each 

other and what the main boundary conditions are that determine their applicability in digitally interrelated markets. This paper 

provides a new perspective through which researchers can understand digital competition by uniting the previously divided 

theoretical perspectives into an integrated strategic model that can be used to study the relationship between AI-enabled strategy 

and competitive positioning. Moreover, this framework has certain practical consequences for the managers who want to employ 

AI, analytics, ecosystem theories, and network effects for creating resilient, sustainable competitive advantage in the increasingly 

changing business world. 
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1. Introduction 
Artificial intelligence (AI) is a vital disruptive technology that is changing the way companies operate and not 

only how they create value but also how they compete and keep their competitive strength (Brynjolfsson & McAfee, 

2014). Unlike earlier generations of digital technologies that focused on automating simple tasks and increasing 

efficiency, AI provides companies with capabilities to learn and anticipate future events and improve the processes of 

making managerial decisions (Davenport & Ronanki, 2018). Consequently, AI should no longer only be identified as 

innovative technology but rather as a source of competitive edge that influences performance of companies operating 

in any sector of the economy (Iansiti & Lakhani, 2020).  
The strategic significance of AI becomes vital in the context of digitally developed markets where companies 

become more of an interconnected network of platforms rather than separate business entities (Gawer, 2021). Digital 

technologies have changed the traditional boundaries of industries enabling companies to collaborate, compete, and 
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create value in very sophisticated ecosystems involving clients, suppliers, developers, complementary companies, and 

strategic partners (Jacobides et al., 2018). As these ecosystems keep developing, organizations are moving to 

ecosystem-oriented strategies that focus on coordination, collaboration, and value creation instead of firm-centric 

strategies (Adner, 2017). This is a revolution that has altered the foundation on which organizations build and sustain 

their competitive positioning. 
At the same time, platform-based business models have taken the leading position as a tool for structuring 

economic activity in the digital economy (Parker et al., 2016). In contrast to traditional business models, which build 

value by producing products sequentially, digital platforms enable interactions between various groups of participants, 

making value creation possible by creating uninterrupted interactions within the ecosystem (Cusumano et al., 2019). 

Through these interactions, innovation, knowledge sharing, and co-creation of value that goes beyond the abilities of 

individual firms are offered (Hagiu & Wright, 2015). This has led to competitive success being more reliant on how 

an organization manages to orchestrate ecosystem relationships as opposed to optimizing internal organizational 

resources. 
The presence of network effects is an essential feature of platform ecosystems where the value of a platform 

grows with the size of the number of participants (Katz & Shapiro, 1985). Direct network effects exist whereby as 

more users join, the value they experience also rises. In contrast, on the contrary, indirect network effects exist when 

complementary products, services, and ecosystem partners are involved (Rochet & Tirole, 2003). The positive 

stimulation from these interactions helps successful platforms to accomplish favorable positions in the market through 

self-sustainable growth processes that are challenging for rivals to replicate (Shapiro & Varian, 1999). Therefore, it 

should not be surprising that network effects nowadays signify the biggest source of competitive advantage in digital 

platform industries. 
In the recent years, the importance of using data as a strategic resource in the success of platform ecosystems 

is increasingly growing. The nature of digital interactions creates tremendous amounts of data about transactions, 

behaviors, and operations that can provide useful insights into customers’ preferences, market behavior, and efficiency 

of the organization (Wamba et al., 2017). This being said, availability of different types of data is not a guarantee for 

the improved effectiveness of the organization. The reason for this is that a real value can occur only when companies 

convert raw data into strategic insight that can be utilized while making managerial decisions and developing the 

organization (Akter et al., 2016). Machine learning algorithms are capable of revealing sophisticated patterns of 

behavior that would be difficult to pick up through traditional analytical approaches. With the help of the time and 

experience with organizational data and market conditions, the effectiveness of AI becomes progressively higher 

(Brynjolfsson et al. 2023). Hence, AI converts data from a passive resource of an organization into an active source 

of strategic change. 
The relations between AI, data, and ecosystems are mutually beneficial and provide a good chance for 

continuous transformation of competitive environment. Every single instance of interaction, transaction, or 

recommendation generated within the ecosystem provides an additional piece of information for the algorithm 

(Dwivedi et al. 2023). Better AI models can then provide more precise predictions, more personalized experiences, 

and improved platform experiences, thereby stimulating greater user engagement and ecosystem growth (Brynjolfsson 

et al., 2023). This growth produces even greater amounts of data, forming a reinforcing loop in which AI capacity, 

data growth, and network effects enhance each other, with organizational competitiveness rising as they grow (Iansiti 

& Lakhani, 2020). 
These changes indicate that competitive positioning cannot be perceived solely through old-fashioned views of 

industry structure or firms’ resource endowments. Rather, competitive positioning becomes an outcome of the 

combination of smart technologies, data-informed strategic decisions, orbiting platforms and ecosystems, and self-

strengthening network effects (Cennamo, 2021). Organizations must thus compete not only by offering better products 

or services but also by their ability to develop a responsive strategic architecture that can continuously learn, innovate, 

and create value in digitally interrelated ecosystems (Verhoeff et al., 2021). 
Although research in the fields of artificial intelligence, digital platforms, and ecosystem-based competition is 

advancing rapidly, available theoretical explanations remain unified. The discussion of competitive advantage through 

firm-specific resources, organizational capabilities, and industry positioning has been widely examined by strategic 

management scholars. In contrast, the adoption of AI, digital transformation, platform governance, and data analytics 

is discussed by information systems scholars. Although these streams have made their respective contributions to the 

general body of knowledge on organizational competitiveness, they have largely developed in parallel and have only 

partially explained the core of competitive positioning in digitally integrated markets (Nambisan et al., 2017). 
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Classical strategic management theories remain useful in providing a foundation for explaining an 

organization’s competitiveness. According to Porter (1980), industry structure and strategic positioning relative to 

competitors are the major determinants of competitive positioning. Building on this line of thought, Porter (1990) 

implicates the contribution of national and industrial competitiveness to long-run performance of organizations. The 

perspectives remain effective because they reveal how companies build sustainable market positions by strategically 

differentiating and studying the industry. However, they have evolved in competitive settings with fairly stable market 

boundaries, predictable industry structures, and linear value-creation processes. 
The Resource-Based View then began to focus on industry attributes rather than firm-based strategic resources 

as the primary source of sustainable competitive advantage (Barney, 1991). Sharing this view, the Knowledge-Based 

View posits that the most strategically important resource of the firm is organizational knowledge, since it facilitates 

learning, innovation, and better decision-making (Grant, 1996). These theoretical views made a significant 

contribution to understanding why some organizations consistently beat their competition. However, both of these 

schools of thought largely conceptualize strategic resources as organisational resources that exist within firms and 

thus say little about competitive landscapes in which value is increasingly created through platform interactions, 

ecosystem involvement, and ever-expanding data networks. 
In the wake of ever-changing business environments, the theory of Dynamic Capabilities suggests that long-

term competitiveness is determined by how well an organization senses environmental changes, captures emerging 

opportunities, and continually adapts its resource base (Teece, 2007). The same view is reached by Eisenhardt and 

Martin (2000), who argue that dynamic capabilities enable organizations to restructure current competencies in 

response to the dynamism of the competitive environment. This view is furthered by Helfat and Peteraf (2003), who 

elaborate on how the development of capabilities aids the organization’s adaptation over time. These theories are 

effective in explaining organizational adaptation but fail to directly account for AI-enabled learning systems, recursive 

data collection, and self-reinforcing network effects, which are becoming increasingly typical of digital platform 

competition. 
Similar trends in digital strategy research have contributed substantial insight into competition within 

ecosystems. Jacobides et al. (2018) propose that contemporary competition is more of an ecosystem than an individual 

firm, thereby shifting strategic focus toward interdependent value creation. Similar conceptualizations of ecosystems 

are advanced by Adner (2017), who views ecosystems as coordinated systems in which actors come together to 

produce value that no single organization can produce alone. Continuing this line of argument, Gawer (2021) shows 

that digital platforms transform organizational boundaries by enabling companies to organize more complex actor 

ecosystems. Together, these analyses indicate that value co-creation is increasingly decentralized across digital 

networks and is no longer the preserve of single entities. 
Platform competition studies have also shown that network effects are among the most powerful forces 

underlying digital market Leadership. According to Rochet and Tirole (2003), the value of a two-sided platform lies 

in facilitating interactions among more than two groups of participants, and Katz and Shapiro (1985) show that the 

value of platforms increases with the number of participants due to positive network externalities. Parker et al. (2016) 

also postulate that successful platform organizations continue to enhance platform participation, thereby enhancing 

competitive advantage by building on user communities and complements. However, a good portion of this literature 

focuses on platform economics and ecosystem governance without incorporating AI-based strategic intelligence and 

data-driven decision-making into accounts of competitive positioning. 
On the same note, the current studies also analyze AI from strategic, technological, and managerial perspectives. 

Davenport and Ronanki (2018) show how AI can improve the quality of organizational decisions through intelligent 

automation and predictive analytics. Brynjolfsson et al. (2023) also emphasize the generative AI transformative 

potential of restructuring the productivity and knowledge work of the organization. A more recent example of AI’s 

redefinition of the future of strategic management is Felin et al.’s (2025) argument that AI is fundamentally changing 

the nature of competitive advantage. Despite the valuable information presented in these studies on AI-enabled 

organizational change, they focus more on technological possibilities and organizational performance than on how 

these mechanisms are integrated into a strategy to redefine competitive positioning in digital platform ecosystems. 
As a result, a significant gap in theories still exists. Current literature describes AI capabilities, data-driven 

strategy, platform ecosystems, and network effects as useful, largely independent strategic constructs. There has not 

been sufficient examination of the ways in which these mechanisms work together as part of an integrated strategic 

architecture that perpetually reshapes competitive positioning through recursive learning and the evolution of 

ecosystems. This is particularly relevant because organizations leveraging AI capabilities do not just use technology; 
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they continuously create and accumulate data, transform data into insights leading to strategic intelligence and 

ecosystem management, enhance network effects, and restore their competitive position through continuous 

organizational learning. 
The theoretical frameworks used today touch on many relevant aspects of this process but do not offer enough 

details regarding how to dynamically organize those aspects in a solid strategic system. In order to fill this gap, the 

current research offers an integrated package of ideas introduced as the AI-Driven Competitive Positioning 

Architecture (AICPA). The idea behind the proposed model is that the AI capability can be treated as the foundation 

of the strategic process of developing data-driven strategic intelligence that enables the organization to create platform 

ecosystems and increase network effects. By interpreting the competitive position as an adaptive and recursive 

organizational capability, this framework widens the scope of the currently available strategic management theories 

in their capability to explain the competitive dynamics of AI-based digital economies. 
Consequently, this paper makes three main contributions. First, it settles the problem of integrating scattered 

theoretical constructs from strategic management, digitization, platform ecosystems, and AI-based organizational 

capabilities into a coherent framework. Second, it reinterprets competitive position as a developing capability that can 

be maintained with the help of AI-driven learning, ecosystem coordination, and network effect enhancement and thus 

contributes to the development of strategic management theories. Finally, it elaborates a set of theoretical propositions 

that will serve as the grounds for the future empirical investigations of the importance of AI-driven competitive 

positioning in the networked platform ecosystems. 
The rest of the paper is structured as follows. The second paragraph will provide the theoretical underpinnings 

of the proposed framework by incorporating the main schools of thought in strategic management and knowledge 

management, research on platform ecosystems, and AI-based organizational capabilities. The research propositions 

follow the conceptualization of the AI-Driven Competitive Positioning Architecture. The paper concludes by outlining 

the theoretical and managerial implications, future research directions, and, more broadly, the proposed framework’s 

contribution to the continually evolving discourse on AI-enabled strategic management. 

2. Theoretical Foundations 

2.1 AI as a Strategic Resource and Dynamic Capability 
The adoption of AI has broadened the concept of strategic resources by making the conversion of data, 

capabilities, and intelligent technologies central contributors to organizational competitiveness. According to the 

Resource-Based View (RBV), companies gain sustainable competitive advantage when they have valuable, rare, 

inimitable, and non-substitutable resources (Barney, 1991). In organizations with AI, proprietary data, AI models, 

analytical systems, and digital skills are increasingly appropriate for meeting these attributes, as they enable better 

decision-making and value creation. Nevertheless, it can be said that the real value of AI capabilities is not just having 

them but rather ability of the organization to use and make profits from them. This view finds its confirmation in the 

Knowledge-Based View, which states that knowledge is the key resource of the organization (Grant, 1996). AI helps 

increase knowledge of the organization through using different amounts of data and transforming them into knowledge 

that can be used for strategic purposes and facilitate organizational learning, opportunity search, and managerial 

decision-making. The constant creation and processing of the data allow organizations to increase their ability to 

predict changes on the market, which is important for responding to new opportunities.Absence of which does not 

appear to be enough in the quickly changing digital environment. In accordance with the Dynamic Capabilities Theory, 

organizations have to continually analyze changes in the environment, take advantage of the strategic opportunities 

and use their resources to remain competitive (Teece, 2007). As a consequence, a large number of researchers believe 

that using AI as one of the dynamic capabilities will help organizations integrate their capabilities. 
2.2 Platform Ecosystems and Network Effects 

The digital economy has also shifted the focus from competition between individual companies to competition 

within platform-related ecosystems. Instead of adding value, businesses have begun to compete based on orchestrating 

ties between clients, complementors, suppliers, developers, and strategic partners within interconnected ecosystems 

(Jacobides et al., 2018). According to Adner (2017), achieving competitive advantage increasingly necessitates 

efficient coordination of ecosystem players, while Gawer (2021) draws attention to the prospects for the digital 

platforms to reshape the boundaries of organizations and foster collaborative innovation. Hence, orchestration of 

ecosystems has become a vital component in competitive positioning.   
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Ecosystems are built around network effects, meaning that the more people are involved in the process, the 

more value is added to the platform. Katz and Shapiro (1985) refer to positive externalities in network, while Rochet 

and Tirole (2003) argue that two-sided platforms generate value due to interactions between the two groups of actors. 

Moreover, Parker et al. (2016) state that successful platforms ensure such interactions through engaging in the 

ecosystem and complementors. Thus, the increase in the number of participants in ecosystems leads to the generation 

of considerable amounts of data in AI enabled environments, which improves the algorithms’ effectiveness. 
2.3 Towards an AI-Driven Competitive Positioning Architecture 

The above theories provide important insights into organizational competitiveness in terms of one part of the 

value chain. For example, the Resource-Based View focuses on the strategic resources, the Knowledge-Based View – 

on the organizational knowledge, the Dynamic Capabilities Theory concerns the strategic changes, the Platform 

Ecosystem Theory is dealing with the collaborative value creation, and the Network Effects Theory elaborates on the 

self-reinforcing growth of the market. Each of these theories can deliver important insights. However, they cannot 

explain how AI capabilities, data-driven strategic intelligence, platform ecosystem orchestration, and network effects 

can be combined together for the modernization of competitive positioning in the digital era. 
Such theoretical fragmentation illustrates the need for an integral approach that would explain the circular and 

interlinked nature of competition with the help of AI technology. In this light, the current study introduces the AI-

Based Competitive Positioning Architecture (AICPA) that represents an integrated theoretical model that unites these 

complementary theoretical grounds within a single framework. The model demonstrates how AI capabilities are 

converted into dynamic competitive positioning thanks to such processes as data transformation into strategic 

intelligence, orchestration of platform ecosystems, and creation of network effects. It acknowledges the ongoing AI-

data feedback loop that keeps the organization adaptable and competitive over the long term. This conceptual 

architecture is then elaborated in the next section, and the theoretical relationships on which this framework is based 

are presented. 

3. AI-Driven Competitive Positioning Architecture 

3.1 Overview of the Proposed Architecture 
In line with the theoretical underpinnings of the previous section, the present paper introduces the so-called AI-

driven Competitive Positioning Architecture (AICPA), which represents a unified conceptual model allowing to 

explain how companies build, develop and achieve competitive positioning in AI-driven digital markets. The 

framework is developed in response to the growing realization that competition nowadays is increasingly defined by 

the interactions of artificial intelligence, data-based decision-making, platforms and network effects, rather than by 

specific resources available to companies or their industry characteristics. Although different theoretical models 

provide some partial explanations of how it all works, the need emerge for an integrative framework to study the 

interrelation of these strategic factors and their impact on companies’ competitiveness. The proposed architecture 

reflects a systems-oriented understanding of competitive positioning as a process rather than a goal. Unlike traditional 

models of strategic management that suggest direct and straightforward relationship between resources of firms and 

their competitive advantage, the suggested model presupposes that AI-enabled companies exist in the environment of 

ongoing learning – how technology, strategy, ecosystems and market results influence one another continuously. 

Sustainable competitiveness, therefore, is a continuous process of organizational learning and ecosystem adaptation, 

and does not occur through mere amassing of valuable resources. 
Based on this, the architecture is divided into three interconnected layers: Strategic Foundations, Strategic 

Transformation Mechanisms, and Strategic Outcomes. The different layers have unique strategic roles and, at the same 

time, facilitate the process of building successive organizational capabilities. All of these layers are combined in a way 

that turns AI capabilities into dynamic competitive positioning through interrelated organizational and ecosystem-

level processes. In Figure 1, the entire conceptual architecture of this study is presented. 
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Figure 1. AI-Driven Competitive Positioning Architecture (AICPA) 

 
Source: Developed by the Authors (2026). 
The proposed AI-Driven Competitive Positioning Architecture, a layered strategic model comprising six related 

constructs linked to sequential value-creation mechanisms and an AI-data feedback loop, is presented in Figure 1. 

Instead of reflecting on the organizational capabilities in a stand-alone manner, the framework theorizes these 

constructs as part of a constantly changing strategic system where each of the capabilities allows the emergence of the 

other. The architecture thus explains competitive positioning as the resultant cumulative product of interlocking 

organizational, technological, and ecosystem processes. 
The initial tier, called Strategic Foundations, determines the internal capabilities that enable organizations to 

compete successfully in AI-enabled environments. AI Capability Foundation is the technological, analytical, and 

organizational capabilities needed to produce intelligent decision systems, and Data-Driven Strategic Intelligence is 

an organization's capability to convert both organizational and market data into strategic knowledge that can be acted 

upon. When combined together, these capabilities create the necessary information and analytical basis for making 

adaptive decisions, identifying opportunities, and responding strategically. 
The next layer in this model framework is called Strategic Transformation Mechanisms. This layer explains 

how organizations utilize capabilities that have been created inside the organization to create value in the ecosystem. 

Once the organizations start to apply Platform Ecosystem Orchestration, they can build a set of relationships among 

different people - customers, complementors, suppliers, developers, business partners - and hence provide opportunity 

for collaborative innovation and integration of resources. All these relationships create Network Effect Amplification: 

the more participants join the ecosystem, the more value it creates, the stronger customer relationships become, the 

quicker the data generation, and, as a result, more competitive advantage the organization has. 
One of the distinguishing features of the suggested framework is the inclusion of the Recursive AI -Data 

Feedback Loop that goes beyond the traditional linear descriptions of competitive advantage. The more organizations 

consolidate their competitive standing, the more they enable ecosystem engagement and increase transaction volume 

while building more valuable organizational and customer information. All this extra data keeps enhancing AI's ability 

to learn, reinforce strategic intelligence, and make future organizational decisions. This results in competitive 

positioning as an input and output in a continuous process of organizational learning, strategic renewal, and 

development of ecosystems. This recursive process is the main theoretical contribution of the proposed architecture 

due to its ability to describe how AI-based organizations are constantly creating competitive advantage by means of 

intelligent adaptation instead of an organization that is simply in a continuous state of stasis, only consuming resources. 
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The subsequent subsections discuss each layer of the architecture and describe the strategic processes in which 

the suggested framework reinvents the competitive positioning in the AI era. 

 

3.2 Strategic Foundations: AI Capability Foundation and Data-Driven Strategic Intelligence 
It is only when these capabilities are turned into value creation at an ecosystem level that the strategic value of 

AI capability and data-driven strategic intelligence is achieved. The recommended architecture models the Platform 

Ecosystem Orchestration and Network Effect Amplification as the two key stages of transformation when internal 

organizational strengths transform into sustainable competitive benefits in the market. This view builds on classical 

firm-based views, as it acknowledges that competitive positioning increasingly rests on an organization's capacity to 

organize and mobilize relationships within digitally linked ecosystems, rather than being limited to internal resources 

(Jacobides et al., 2018; Adner, 2017). 
The ecosystem orchestration of platforms is the firm's ability to coordinate customers, complementors, 

developers, suppliers, and strategic partners to co-create value. The AI-enhanced strategic intelligence reinforces this 

potential by enhancing the selection of partners, ecosystem administration, coordination of resources, and the quality 

of decisions. The more organizations understand the market, the better they can find opportunities in the ecosystem, 

allow innovation, and maximize co-creation of value among various stakeholders (Gawer, 2021). 
Successful ecosystem orchestration will then lead to Network Effect Amplification whereby more participants 

in the ecosystem add value to the platform for all other members. The interactions produce larger amounts of 

behavioural and transactional data as more users and complementors use the platform, enhancing the performance of 

the AI and making platforms more appealing at the same time. These positive feedback forms self-perpetuating 

expansion processes that enhance customer interaction, stimulate ecosystem development, and raise barriers to 

imitation by competitors (Katz & Shapiro, 1985; Parker et al., 2016). 
In this regard, the proposed architecture holds that ecosystem orchestration and network effects should not be 

considered separate strategic capabilities but rather complementary processes that convert organizational intelligence 

into competitive value in the marketplace. In this process of transformation, companies cease focusing on operational 

efficiency and instead create adaptive ecosystems that help them maintain a competitive position in fast-changing AI-

enabled markets. These processes then offer the premise on which competitive positioning at a dynamic level and 

strategic advantage in the long term is built. 

3.3 Strategic Transformation Mechanisms: Platform Ecosystem Orchestration and Network Effect 

Amplification 
It is only when these capabilities are turned into value creation at an ecosystem level that the strategic value of 

AI capability and data-driven strategic intelligence is achieved. The recommended architecture models the Platform 

Ecosystem Orchestration and Network Effect Amplification as the two key stages of transformation when internal 

organizational strengths transform into sustainable competitive benefits in the market. This view builds on classical 

firm-based views, as it acknowledges that competitive positioning increasingly rests on an organization's capacity to 

organize and mobilize relationships within digitally linked ecosystems, rather than being limited to internal resources 

(Jacobides et al., 2018; Adner, 2017). 
The ecosystem orchestration of platforms is the firm's ability to coordinate customers, complementors, 

developers, suppliers, and strategic partners to co-create value. The AI-enhanced strategic intelligence reinforces this 

potential by enhancing the selection of partners, ecosystem administration, coordination of resources, and the quality 

of decisions. The more organizations understand the market, the better they can find opportunities in the ecosystem, 

allow innovation, and maximize co-creation of value among various stakeholders (Gawer, 2021). 
Successful ecosystem orchestration will then lead to Network Effect Amplification whereby more participants 

in the ecosystem add value to the platform for all other members. The interactions produce larger amounts of 

behavioural and transactional data as more users and complementors use the platform, enhancing the performance of 

the AI and making platforms more appealing at the same time. These positive feedback loops form self-perpetuating 

expansion processes that enhance customer interaction, stimulate ecosystem development, and raise barriers to 

imitation by competitors (Katz & Shapiro, 1985; Parker et al., 2016). 



656 

In this regard, the proposed architecture holds that ecosystem orchestration and network effects should not be 

considered separate strategic capabilities, but rather complementary processes that convert organizational intelligence 

into competitive value in the marketplace. In this process of transformation, companies shift from focusing on 

operational efficiency to creating adaptive ecosystems that help them maintain a competitive position in fast-changing 

AI-enabled markets. These processes then offer the premise on which competitive positioning at a dynamic level and 

strategic advantage in the long term is built. 

3.4 Strategic Outcomes: Dynamic Competitive Positioning and the Recursive AI–Data Feedback 

Loop 
The architecture proposes Dynamic Competitive Positioning as the primary strategic output of the interplay 

among AI capabilities, data-driven strategic intelligence, platform ecosystem orchestration, and network-effect 

amplification. Contrary to traditional views that treat competitive positioning as a comparatively stable market 

response, the suggested framework holds that it is continually determined by an organization's capacity to adapt, 

innovate, and respond to evolving ecosystem conditions. Competitive advantage thus becomes a dynamic capability 

that continues to evolve through strategic renewal, rather than a fixed effect of superior resources or advantageous 

industry conditions (Teece, 2007; Cennamo, 2021). 
The core distinctiveness of the aforementioned architecture lies in integrating the Recursive AI-Data Feedback 

Loop; thus, competitive positioning becomes both a goal and a consequence of subsequent developments in 

capabilities. The more successful a company is in the market, the bigger the number of customers participating in its 

activities, the larger the amount of interactions occurring in its ecosystems, and the more data obtained by the firms 

and their clients. The mentioned data contribute to an ongoing improvement of AI intelligence, enhance strategic 

decision-making processes, and help in shaping the further decisions of the ecosystem, meaning that the competitive 

position of the company greatly benefits from it (Brynjolfsson et al., 2023; Davenport et al., 2020). 
Essentially, it is a recursive process that demonstrates a shift in the understanding of competitive advantage to 

the self-sustaining mechanism of strategic adjustment. Contrary to the idea of AI being a technology-driven resource 

providing competitive advantage, this architecture demonstrates how AI improves during the process of interaction 

with the market, which lets firms make better decisions and strengthen their relationships within the ecosystem. Thus, 

sustainable competitive advantage does not represent the final objective of the framework but the constantly changing 

outcome of organizational learning, ecosystem development, and other AI-based strategic transformations. 
All in all, the model that has been developed is built on the current strategic management theory that 

incorporates organizational capabilities, dynamic ecosystems as well as learning that is based on AI into a single model 

supporting the understanding of competitive positioning as something that can be sustained, reinforced and 

regenerated within the framework of AI. The theoretical assumptions upon which the model is based are provided in 

the propositions that are going to be presented further in the text. 

4. Proposition Development 

4.1 AI Capability Foundation and Data-Driven Strategic Intelligence 
According to the provided architecture, the capabilities of AI form the strategic foundation for creating 

organizational intelligence. While AI provides the processing capability to process complex data, the organization 

should have the skill set to transform the information generated through the analysis into operational knowledge. 

Consequently, the companies with higher AI capabilities can produce better strategical intelligence by enhancing the 

predictive capability, environmental sensation, and opportunities recognition. 
Proposition 1 (P1): AI Capability Foundation positively influences Data-Driven Strategic Intelligence by 

enhancing organizational learning, predictive decision-making, and strategic knowledge creation. 

4.2 Data-Driven Strategic Intelligence and Platform Ecosystem Orchestration 
The strategic intelligence built on data allows organizations to move away from just internal optimization and 

start cooperating with others, develop the ecosystems and create value. The insights that an organization derives from 

analytics powered by artificial intelligence can also be used to make better choices regarding partners, manage 

ecosystems and coordinate resources effectively and improve a firm’s ability to coordinate complex platform 

ecosystems (Jacobides et al., 2018; Gawer, 2021). In essence, strategic intelligence refers to how the knowledge 

produced internally is then transformed into action in the ecosystem. 
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Proposition 2 (P2): Data-Driven Strategic Intelligence positively influences Platform Ecosystem Orchestration 

by improving ecosystem governance, partner coordination, and collaborative value creation. 

4.3 Platform Ecosystem Orchestration and Network Effect Amplification 
By orchestrating the platform ecosystem, connections are created among different stakeholders, leading to the 

creation and advancement of the network effect. When companies manage ecosystem actors properly, then the 

absorption of the platform increases, additional innovation is distributed, and the number of user interactions grows. 

In this way, the operations in question consolidate direct and indirect network event effects, increasing the platform's 

overall worth and supplying clients with extra data (Parker et al., 2016; Katz & Shapiro, 1985). In other words, 

ecosystem orchestration promotes self-sustaining network expansion. 
Proposition 3 (P3): Platform Ecosystem Orchestration positively influences Network Effect Amplification 

through increased ecosystem participation and collaborative interactions. 

4.4 Network Effect Amplification and Dynamic Competitive Positioning 
Strengthening network effects is a way of distinguishing companies from each other through higher engagement 

in the ecosystem, better customer experience, and creation of value-creating cycles. The stronger the network effects 

are, the more attractive platforms are to users and complementors, which helps consolidate market leadership and 

reduce the risk of competition (Rochet & Tirole, 2003; Cennamo, 2021). Therefore, network effects are exploited as 

the main element of the architecture proposed in the study for converting capabilities of ecosystems into competitive 

positioning. 
Proposition 4 (P4): Network Effect Amplification positively influences Dynamic Competitive Positioning by 

strengthening market differentiation, ecosystem Leadership, and customer value creation. 

4.5 Dynamic Competitive Positioning and Sustainable Competitive Advantage 
Dynamic competitive positioning is a method for keeping an organization continuously flexible in its strategic 

reaction to modifications in the technology field, during competition, and in changes in market conditions. Rather than 

relying on fixed advantages, firms increase their long-term competitiveness through innovation, strategic flexibility, 

and ecosystem growth. Thus, the company gets a long-term competitive advantage, which allows it to reproduce its 

competitive position instead of just maintaining the status quo of its strategy. 
Proposition 5 (P5): Dynamic Competitive Positioning positively contributes to Sustainable Competitive 

Advantage through continuous strategic adaptation and organizational resilience. 

4.6 Recursive AI–Data Feedback Loop 
The suggested architecture will enhance current strategic management theory by adding a recursive feedback 

mechanism that continually renews organizational capabilities. Winning the competition results in more user 

engagement and ecosystem data that can be learned from by the AI, contributing to additional strategic intelligence. 

This cyclical process enhances organizational adjustments and allows organizations to stay competitive no matter the 

market changes (Brynjolfsson et al., 2023; Felin et al., 2025). It is the recursive feedback mechanism, thus, that is the 

main theoretical innovation of the proposed framework. 
Proposition 6 (P6): The Recursive AI–Data Feedback Loop continuously strengthens AI Capability Foundation 

by transforming market interactions into organizational learning, thereby reinforcing the AI-Driven Competitive 

Positioning Architecture. 

5. Theoretical and Managerial Implications 

5.1 Theoretical Implications 
The proposed AI-Driven Competitive Positioning Architecture (AICPA) will contribute to the strategic 

management literature by offering a unified exposition of how AI-enabled capabilities translate into long-lasting 

competitive positioning through interwoven organizational- and ecosystem-level processes. Although the use of AI 

capabilities, data-driven strategy, platform ecosystems, and network effects has been investigated independently by 

other researchers, the present study reveals that they should be viewed as interconnected parts of one strategic 

architecture, as opposed to independent drivers of organizational performance (Barney, 1991; Jacobides et al., 2018). 
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The framework also builds on Dynamic Capabilities Theory by positioning AI as a perpetual learning capability 

that enables organizations to sense, interpret, and respond to environmental change repeatedly, rather than merely 

reconfiguring existing resources (Teece, 2007). Likewise, the framework expands Platform Ecosystem Theory by 

demonstrating how AI-powered strategic intelligence reinforces ecosystem coordination, thereby connecting internal 

organizational capabilities with external ecosystem interactions (Gawer, 2021). 
One of the theoretical contributions of this research is the proposed Recursive AI-Data Feedback Loop, which 

redefines competitive positioning as an ongoing developmental organizational capacity. In contrast to traditional 

strategic management processes that treat competitive advantage as relatively constant, the proposed model describes 

how competitive positioning is continually refreshed through organizational learning, ecosystem engagement, and AI-

supported adaptation. The view provides a basis for future empirical studies of AI-based strategic evolution in digital 

platform ecosystems. 

5.2 Managerial Implications 
The suggested framework offers valuable insights to managers aiming to compete in an ever more AI-driven 

and platform-based market. To begin with, AI must be treated as a strategic competence within the business strategy, 

rather than a technological investment. By combining AI capabilities with organizational knowledge, data governance, 

and strategic decision-making processes, firms create competitive value and generate actionable intelligence to help 

them remain competitive in the long term (Davenport & Ronanki, 2018). 
Next, managers must understand that the competitiveness of business positioning is increasingly a result of the 

managing of the ecosystem. The achievement of alliances with customers, complementors, developers, and partners 

increases the value of co-creation and the network effect, which is difficult for companies to imitate (Parker et al., 

2016). The ecosystem governance mechanism is therefore regarded as strategic competency rather than operational 

activity.  
Finally, managers have to think about the endless learning process while applying the data about customers and 

organization to enhance the AI methods used and situation understanding. Companies successful in developing AI-

data feedback systems would be able to keep their position from the market point of view, being more strategic and 

proactive in the fast-changing environment. 

6. Future Research Directions 
The AICPA (AI-based Competitive Positioning Architecture) that has been suggested brings forth both a 

theoretical and empirical conceptual structure on use of AI in strategic management in future. In this situation, the 

current research work is a step to create a conceptual model and further studies must come up with real tests for the 

suggested relationships in different organizations, industries and digital platforms. Quantitative analysis may be used 

to establish the cause-and-effect relationship between AI capabilities, data-driven strategy, ecosystem business, 

network effects and dynamicity of competitive positioning. 
Further research may investigate factors affecting successful usage of AICPA in practice. The relationships 

proposed in the study may be influenced by such factors as organization size, digital maturity of the company, 

leadership, industry conditions, regulatory environment and technological turbulence. The examination of those 

boundary factors may explain the differentiation in AI-enabled competitive positioning in differ organizations and 

institutions. 
At last, the researchers may suggest new improvements to the framework of the current research due to new 

technologies such as generative AI, autonomous decision-making, digital twins, and smart ecosystems. A comparative 

study of developed and developing countries may also increase the knowledge about AI-enabled competitive position 

and enrich the theory of strategic management. 

7. Conclusion 
The role of competition is fundamentally altered by artificial intelligence systems, as it impacts how firms 

create knowledge, manage digital ecosystems, and create long-term strategic value. The new interpretations of the 

competitive position should reflect the dynamic relationship between capabilities of artificial intelligence, strategic 

intelligence, platform ecosystems, and network effects in the age of data-driven competition. 
The paper addresses this issue through the introduction of the AI-Driven Competitive Positioning Architecture 

(AICPA). This complex theoretical framework elaborates how the technology capability of artificial intelligence can 



659 

be turned into a dynamic competitive position through data-driven strategic intelligence, platform ecosystem 

management, and network effect enhancement. The framework shows the establishment of Recursive AI-Data 

Feedback Loop, proving that competitive position does not represent a static achieved state but a dynamic capability 

which is developing constantly.  
The research contributes to the strategic management literature by merging previously disconnected 

perspectives into a unified framework that allows capturing the essence of competition in the age of artificial 

intelligence. It also lays a theoretical basis for future empirical studies about the ideas presented in the paper and 

provides practical recommendations to those organizations that want to implement artificial intelligence and digital 

ecosystems. As AI technology keeps evolving, the relationship between smart systems and strategic decision-making 

will generate greater interest in both the academic and business world. The proposed framework is an important 

contribution to develop that idea and serves as a starting point for the future exploration of competitive positioning in 

the AI age. 
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