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Abstract:  

PURPOSE  

This study aims to examine the influence of Artificial Intelligence (AI) on Human Resource Management (HRM), with a particular 

focus on sustainability and human-centric values. It investigates how AI reshapes organizational operations, enhances decision-

making, and supports long-term sustainable HR practices. The research seeks to consolidate existing knowledge, identify key 

themes, and explore the interplay between AI adoption, ethical HR practices, and organizational resilience, thereby providing 

insights into how AI can be strategically leveraged for sustainable and human-centered HR transformation. 

Methodology 

A qualitative research approach was employed, analyzing articles published between 2015 and 2025 and indexed in the Scopus 

database. Bibliometric visualization was conducted using VOSviewer to identify influential studies and citation patterns, while 

thematic analysis was applied to interpret expert insights and recurring concepts. The combination of bibliometric and thematic 

analyses enabled the identification of central themes, patterns, and gaps in the literature related to AI adoption and sustainability 

Findings 

The study finds that AI boosts productivity, supports ethical HR practices, and strengthens learning and development. Key themes 

include automation, AI-enabled learning, sustainable adoption, and human-centric innovation. Effective AI implementation relies 

on managerial structures, culture, and technology integration, highlighting its potential to drive resilient, ethical, and sustainable 

HR practices. 

Originality or Value 

This study consolidates insights on AI in HRM and proposes a conceptual framework for its ethical, sustainable application. Using 

bibliometric and thematic analyses, it highlights AI-driven HR transformation, emphasizing alignment with human-centric and 

sustainability principles, while offering practical and theoretical guidance for managers to foster innovation, efficiency, and 

organizational resilience. 
Keywords: Artificial Intelligence, Human Resource Management, Sustainability, Human-Centric HRM, Digital Transformation, 

Qualitative Analysis 

 

1. Introduction 

Artificial Intelligence (AI) has become essentially a powerful agent of change that is influencing company 

structures, the way the workforce operates, and the societal systems. Its impact is regularly referred to those of the 

internet and the World Wide Web, which were the main factors behind the arrival of e commerce, sharing economies, 

and consumer-centric business models (Malik, Budhwar, & Srikanth, 2020). In the past few years, organizations have 

sped up the use of AI, driven equipment for recruitment optimization, administrative tasks automation, learning 

personalization, performance evaluation support, and strategic decision-making enhancement. AI is set to 

revolutionize the global economy, with projections estimating its contribution to be around $15.7 trillion by 2030. 

Infusion of AI in Human Resource Management (HRM) signals a noteworthy departure from conventional systems 

towards digitization, operational efficiency, and strategic innovation. 
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Research highlights the various benefits of AI that can be realized in the business environment among which 

are improved productivity and optimized resource utilization (Faulds & Raju, 2021). The cloud, based HR systems, 

automated screening tools, digital performance trackers, and AI enabled training platforms are just a few examples of 

modern technologies that organizations can implement to streamline their HR operations (Jain, 2018). Besides HRM 

itself is a broad concept which includes talent acquisition, performance management, employee relations, training and 

development, and organizational planning (Wall & Wood, 2005). The decision to integrate AI in these sectors also 

requires the maintaining of technological efficiency on the one hand and humanistic values on the other. While 

advanced digital technologies have contributed significantly to strengthening HR processes, the alignment of AI-

driven practices with ethical, transparent, and sustainable organizational objectives has emerged as a critical concern 

at the global level. Sustainability in HRM is not a matter of only environmental concern but also involves social, 

ethical, and cultural responsibility. It means the creation of HR systems that contribute to the upholding of justice, 

employee happiness, inclusiveness, and organizational resilience in the long run. Therefore, the use of AI should not 

be regarded simply as an instrument but rather a strategic decision that affects organizational culture and workforce 

experience. 

Recent discussions emphasize the need to integrate AI with sustainability frameworks to maintain trust and 

accountability in organizations. AI-driven HRM should ensure responsible governance, bias-free decision-making, 

data security, and transparent communication. The convergence of digital technologies—machine learning, 

automation, blockchain, and data analytics combined with sustainability fosters innovation and long-term adaptability. 

However, concerns about losing human judgment, reduced human connection, and limited employee engagement 

highlight the importance of adopting a human-centered approach that balances technological efficiency with ethical 

and relational considerations. 

This research aims at bridging gaps by employing a qualitative analytical method that relies on bibliometric 

data and thematic analysis. This study reviews literature from Scopus databases, delineating trends by VOS viewer, 

and thematic extraction by qualitative codes to uncover how AI driven HRM fosters sustainable and human centric 

innovation. Insights from the study serve as a foundation for the emergent discourse on the ethical and strategic 

alignment of AI adoption in HRM. 

2. Literature Review 

Recent scholarship emphasizes that artificial intelligence (AI) and human-centered practices in HRM can 

simultaneously drive sustainable innovation and operational efficiency while maintaining ethical and employee-

centric principles. Bhasin and Krishna (2025) and Parinsi et al. (2025) highlight that AI supports sustainable HR 

practices, such as reducing organizational carbon footprints and optimizing resources, though ethical challenges like 

algorithmic bias and data privacy remain critical. Sundari et al. (2025) propose a human-centered framework 

integrating AI across HR functions while maintaining ethical oversight. 

Vrontis et al. (2022) argue that the adoption of AI, robotics, and advanced technologies in HRM can enhance 

operational efficiency and strategic innovation, but they emphasize embedding these technologies within participative 

and ethical organizational structures to maintain employee trust. Fenwick et al. (2023) and Parisi and Margherita 

(2022) stress frameworks prioritizing employee well-being, inclusivity, and ethical transparency, while Aksoy (2023) 

highlights AI applications in recruitment, performance management, and employee engagement. 

Jiang et al. (2022) note that effective AI adoption requires simultaneous strengthening of organizational culture, 

technical skills, and governance mechanisms, ensuring human and technological readiness coexist. Pan et al. (2022) 

further demonstrate that people analytics and algorithmic tools enhance decision quality when implemented 

strategically. 

Lozano (2016) and Yoo et al. (2020) frame sustainability as a dynamic capability involving continuous learning, 

stakeholder engagement, and organizational resilience. Sustainability in HRM integrates social, environmental, and 

economic dimensions into strategic decision-making, fostering long-term adaptability and innovation. Bocken et al. 

(2014) and Elkington (1997) underline that sustainable innovation must balance economic performance with social 

inclusion and ethical responsibility. 

Digital transformation and circular economy practices also underpin sustainable HRM. Geissdoerfer et al. 

(2017) highlight that resource efficiency, waste reduction, and lifecycle thinking align with digital innovation to 

enhance transparency and process efficiency. Gupta and Palsule-Desai (2019) emphasize governance structures, 

including ethical 
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guidelines and regulatory frameworks, as essential for responsible technological adoption. Topi et al. (2021) 

and Sovacool et al. (2016) further note that cross-sector collaboration and data-driven monitoring foster environmental 

and social outcomes. 

The convergence of technologies and financial mechanisms strengthens sustainable innovation. Frank et al. 

(2021) demonstrate that interconnected technologies AI, IoT, cloud computing, and advanced analytics accelerate 

scalable sustainability solutions. Hockerts (2015) underscores the role of venture capital in enabling sustainable 

startups and funding technological experimentation. 

Finally, behavioral and motivational alignment remains crucial for embedding sustainability in organizational 

and societal contexts. Hamari et al. (2017) assert that individual motivation, social norms, and behavioral incentives 

drive adoption of sustainable practices and green technologies, ensuring that ethical and sustainability-oriented actions 

are genuinely integrated into everyday organizational decisions. 

3. Research Methodology 

This research employs a qualitative design to investigate the socially beneficial and environmentally friendly 

aspects of artificial intelligence (AI) integration in HRM. The approach taken in this work corresponds to the plan laid 

down by the most authoritative sources concerning the qualitative synthesis of the management and technology 

research fields. 

 

Fig 1. Methodology 

3.1 Data Source And Selection Procedure 

The research examines the records of scientific research derived from the Scopus database over the period 2015 

- 2025. The study only considered peer, reviewed journal articles, review papers, and conference proceedings that 

were published in English. The search string keywords were "AI in HRM" and "Human Centric". 

3.2 Data Extraction and Processing 

The chosen literature was dissected through Bibliometrix (R) and VOS viewer to visualize the publication 

trends, co-authorship patterns, co-citation structures, and keyword co-occurrence. The use of these instruments led to 

the discovery of the intellectual clusters and the rise of topical themes in AI-enabled HRM and sustainability. 

3.3 qualitative analysis approach 

The study employed thematic analysis following Braun and Clarke’s (2006) six-step framework: 

familiarization, coding, theme development, review, refinement, and reporting. Codes were derived from recurring 

concepts in the literature and expert transcripts. Additionally, sentiment analysis was conducted to capture experts’ 

perceptions and attitudes toward the use of AI in HRM. 

3.4 validity and reliability 

Triangulation across bibliometric mapping, qualitative coding, and sentiment analysis enhanced the credibility 

of findings. Intercoder reliability was examined using Cohen’s Kappa coefficient to assess the level of agreement 

between coders. The analysis indicates that reliability was established through the application of the Kappa measure, 
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demonstrating the presence of agreement in the coding process. This assessment confirms that the coding procedure 

followed a systematic approach to ensure consistency and reliability in data interpretation. 

3.5 Bibliometric Analysis 

This method is commonly applied to information and library science etc., but has current validity in social-

science research. It utilizes publication databases to construct operational metaphors of logical arenas through 

bibliography data (Zupic and Čater 2015). It has been done to identify research gaps 

 

Fig 2. Co-authorship 

The co-authorship network shows a clear pattern of collaboration among researchers. A large group of authors 

is closely connected, indicating frequent joint publications and a stable research community. A smaller group appears 

more loosely connected, with one key author acting as a link between the two groups. This suggests that while most 

research is conducted within a core team, a few authors play an important role in connecting different collaborative 

groups within the field. 

 

Fig 3. Bibliometric Coupling 

The bibliographic coupling network reveals intellectual clusters, with central works like Kusi-Sarpong (2019), 

Fernandes (2021), and Böcker (2017) forming the core knowledge base. Surrounding clusters show related studies 

linked by shared references, highlighting the  convergence  of  research  streams  and  influential  anchor  publications. 
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Fig 4. Citations 

The citation network shows a few highly cited studies, like Böcker (2017), Kusi-Sarpong (2019), Lee (2021), 

and Chowdhury (2023), as central influences, while most other works are peripheral, reflecting specialized or 

emerging contributions. The field is anchored by a small set of foundational studies shaping ongoing research. 

 

Fig 5. Globally cited documents 

The figure of globally cited documents highlights Chowdhury (2023) as the most influential, followed by 

Böcker (2017) and Liboni (2017). These key studies demonstrate strong theoretical and empirical impact, with other 

works reflecting interest in sustainability, circular economy, and responsible management. Overall, a few publications 

dominate and guide research directions. 

4.  Research Gaps 

Through this comprehensive evaluation of literature, researchers have established that there has been a constant 

improvement in the structure of articles. There are substantial gaps in the study which are as follows: 

● Existing literature lacks comprehensive qualitative insights into the human-centric and sustainable 

implications of AI integration in HRM 
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● Lack of integration between AI-driven HRM and sustainability frameworks. 

● Limited empirical synthesis on sustainable innovation through converging technologies. 

● Role of firms and sustainability in HR is under-researched. 
5. objectives 

Based on the above research gaps, following objectives were framed: 

● To explore the human-centric and sustainable implications of AI integration in Human Resource 

Management through qualitative insights. 

● To examine how AI-driven HRM practices can be aligned and integrated with sustainability frameworks 

within organizations. 

● To analyze how converging digital technologies contribute to sustainable innovation in HRM. 

● To propose the research framework for AI-enabled HR practices. 

Table 1. Profile of the experts 

Participa nt 

Code 
Designation 
/ Position 

Organization / 

Company Type 
Years of 

Experience 
 
Domain of Expertise 

Participan t 

1 
 
HR Director 

Leading IT Solutions 

Company 
 
16 years 

Strategic HRM, Talent Analytics, 

Workforce Planning 

 
Participan t 

2 

 
Professor of HRM 

Premier Business 

School 
 
22 years 

Human Resource Development, 

Organizational Behavior, Ethics 

Participan t 

3 
Senior HR 

Consultant 
HR 
Transformation 

 
18 years 

Digital HR, AI Integration, 

Organizational Change 

  & Consulting Firm   
Participan t 

4 
 
AI Developer 

HR 
Technology Start-up 

 
12 years 

Machine Learning, HR Tech 

Design, Predictive Modelling 

Participan t 

5 
Head - Learning & 

Development 
Multinational 

Manufacturing 

Company 

 
15 years 

Employee Training, Skill 

Development, Performance 

Analytics 
Participan t 

6 
Sustainabilit y 

Manager 
Renewable Energy 

Corporation 
 
14 years 

Corporate Sustainability, 

Workforce Efficiency, Green HR 

 
Participan t 

7 

 
HR Business 

Partner 

 
FMCG 
Multinational 

 
13 years 

Employee Relations, 

Performance Management, Policy 

Design 

Participan t 

8 
Organization al 

Psychologist 
Independent HR 
Consultancy 

 
17 years 

Workplace Psychology, 

Emotional Intelligence, Well-

being 
Participan t 

9 
Talent Acquisition 

Specialist 
E-commerce Company  

11 years 
Recruitment Analytics, Employer 

Branding, AI-based Hiring 

Participan t 

10 
 
HR Officer 

Central Government 

Department 
 
19 years 

Public Sector HR, Policy 

Implementation, HR Digitization 

Participan t 

11 
HR Data Analyst Global Finance 

Company 
 
10 years 

HR Metrics, Data Visualization, 

Compensation Analytics 

Participan t 

12 
Chief People 

Officer 
Multinational IT 

Corporation 
 
20 years 

Strategic Leadership, HR 

Transformation, Employee 

Engagement 
Participan t 

13 
Research Scholar Public University 8 years 

(Academic & 

Research) 

AI Ethics, Workforce Analytics, 

HR Technology 
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 (Ph.D. in HR 

Analytics) 
   

 
Participan t 

14 

 
Corporate Trainer 

Service Industry 

(Hospitality Sector) 
 
14 years 

Employee Learning, Motivation, 

Soft Skills Training 

 
Participan t 

15 

 
Founder & CEO 

AI-based HR 

Technology Start-up 
 
15 years 

HR Tech Entrepreneurship, AI 

Ethics, Innovation Strategy 

6. Data Analysis 

This research had a multi-step qualitative data analysis strategy that mixed bibliometric mapping, expert 

transcript analysis, and thematic exploration. The data analysis was presented by QSR NVivo 14 for systematic coding, 

theme creation, and visualization of the conceptual patterns. 

The qualitative analysis, supported by bibliometric mapping and NVivo 14 coding, identified four key areas 

shaping HRM. First, automation was highlighted for improving efficiency by streamlining tasks such as screening, 

scheduling, and performance tracking, reducing administrative workload and errors. Second, learning and 

development emerged as critical, with personalized training, skill-gap identification, and continuous workforce 

development being emphasized. Third, sustainability and ethical practices were deemed essential, as experts stressed 

data privacy, fairness, transparency, and responsible governance aligned with long-term organizational goals. Finally, 

human-centered HR innovation was underscored, emphasizing the importance of empathy, relational skills, and 

employee well-being alongside operational efficiency. Overall, experts conveyed cautious optimism, noting that HR 

innovation is most effective when it balances efficiency, ethical standards, and human values. 

 

Fig 6. Word Cloud 

The word cloud visualizes the main themes of AI-enabled HRM, which revolve around a human-centered 

approach and the transformation of the workforce. The most frequent words are human, workforce, leadership, and 

employee indicate that the main focus of the research is on human-oriented HR practices. Terms such as ethical, 

fairness, transparency, and responsibility are used to express the concern of the authors about the use of AI in a 

responsible and trustworthy way. The combination of words such as technology, innovation, analytics, and digital 

reveals the fast moving role of AI-driven tools in reshaping HR functions. In short, the word cloud conveys that the 

successful use of AI in HRM requires a harmonious technological and ethical governance as well as employee well-

being. 
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Table 2. Thematic Analysis 

Broader Theme Grouped Sub-Themes & Codes Representative Excerpts 
 
 
1. AI-Enabled HR 

Transformation and 

Efficiency 

(Merged from: AI-Driven HR Efficiency + 

Leadership and Digital Literacy)Data-driven 

decision making, Predictive workforce analytics, 

Automated screening, Leadership through data 

insights, Digital literacy training 

 
“AI has made recruitment faster, 

onboarding seamless, and performance 

tracking more objective.” “Leadership 

decisions are now more data-driven 

and predictive.” 
 
 
 
2. Sustainable and 

Ethical Innovation 

(Merged from: Sustainable and Responsible 

Innovation + Transparency and 

Governance)Sustainable HR practices, Green AI 

initiatives, Ethical AI governance, Explainable AI 

models, Algorithmic accountability 

 
 
“We build ‘green’ algorithms that 

minimize computation time and energy 

use.” “Provide explainable dashboards 

for every decision.” 

 
 
3. Human-Centric and 

Inclusive HRM 

(Merged from: Human-Centric HR Practices + 

Fairness and Inclusion)Empathy  in 

automation, Human-in-the-loop approach, Bias 

reduction mechanisms, Inclusive AI design, 

Emotional intelligence integration 

 
 
“Human-in-the-loop frameworks 

preserve empathy.” “AI shortlists more 

diverse candidates when bias filters are 

active.” 
 
4. Employee 

Development, 

Engagement, and 

Well-being 

(Merged from: Continuous Learning and Skill 

Development 
+ Employee Engagement and Well-

being)Personalized learning paths, Continuous 

upskilling, Gamified learning, Sentiment analysis, 

Well-being analytics 

 
“AI tracks learner progress and 

suggests customized modules.” “AI 

chatbots offer 24/7 emotional support.” 

 
5. Balancing 

Automation with 

Human Judgment 

(Standalone still 
unique)Resistance to automation, Human 

oversight, Job loss anxiety, Ethical decision 

frameworks 

 
“Over-automation leads to 
depersonalization.” 

 (Standalone integrative future  
6. Future of 

Sustainable HRM 
theme) Human-AI collaboration, 
Hybrid HRM models, Predictive talent

 systems, Sustainable 

“AI will augment, not replace, HR.” 

 innovation culture  
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Fig 7. Thematic Analysis 

The thematic distribution graph highlights experts’ focus on key AI-related HRM themes. AI-enabled HR 

transformation and efficiency was the most emphasized, showing consensus on process optimization. Sustainability 

and ethical innovation ranked second, reflecting the importance of transparency and fairness. Themes like human-

centric HR and employee development also emerged, while balancing automation with human judgment received 

moderate attention. Overall, the figure shows that AI in HRM is viewed not just as a technological shift but as a 

transformation requiring ethical, human-focused, and sustainable approaches. 

Table 3. Sentiment Analysis 

 

Expert 

 

Sentiment 

Supporting Excerpts from Transcript Demographic / 

Background 

Information 

 

Expert 1 
 

Positive 

“AI has made recruitment faster, 

onboarding seamless, and performance 

tracking more objective.” 

HR Director, IT 

Sector - 15+ years in 

HR digital 

transformation 

 

 

Expert 2 

 

 

Positive 

 

“AI has turned HR from a support function 

into a strategic partner. Predictive analytics 

allows early identification of attrition 

risks.” 

Professor, Academia 

(Education Sector)

 - 20+ 

years of teaching and 

HR research 
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Expert 3 

 

 

Positive 

“Most of my clients use AI to manage 

large-scale hiring and workforce analytics. 

It saves time and increases fairness.” 

Consultant, HR 

Advisory Services 

- Experience in 

multiple corporate 

clients 

 

Expert 4 
 

Positive 

“We build ‘green’ algorithms that 

minimize computation time and energy 

use.” 

AI Developer, Tech 

Industry - 10+ years 

in AI solutions design 

 

 

Expert 5 

 

 

Positive 

 

“AI personalizes learning and 

development, helping employees acquire 

relevant skills efficiently.” 

Head - Learning & 

Development, 

Corporate Sector - 

Focus on 

workforce upskilling 

 

 

Expert 6 

 

 

Positive 

 

“It promotes efficiency in workforce 

deployment, reducing duplication and 

unnecessary costs.” 

Sustainability 

Manager, 

Manufacturing Sector 

- Specialist in

 efficiency 

initiatives 

Expert 7 Mixed “AI tools handle data so HR can 

focus on strategy and employee 

HR Business 

Partner, Service 
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Fig 8. Sentiment Analysis 

The sentiment distribution graph shows that most experts hold positive views on AI in HRM, reflecting trust in 

its potential to enhance efficiency and decision-making. A few experts expressed mixed sentiments, acknowledging 

both benefits and concerns like data privacy and governance. Only one expert showed negative sentiment, citing risks 

such as algorithmic bias and job displacement. Overall, the graph indicates general optimism about AI-driven HRM, 

alongside awareness of ethical and sustainability considerations. 

7. Conceptual Framework\ 

 

Fig 9: Conceptual Framework 

The conceptual framework explains the relationship between key technological and managerial factors and their 

role in promoting sustainable and human-centric HR innovation. It depicts that AI-based learning and development 

systems support continuous skill enhancement, personalized training, and knowledge upgradation, thereby 

strengthening employee competence and adaptability in a dynamic work environment. Sustainable AI practices 

emphasize ethical use, transparency, fairness and accountability in HR-related technologies, ensuring that innovation 

aligns with organizational values, employee trust, and long-term sustainability objectives. Automation and efficiency 

tools facilitate the simplification of routine HR activities such as recruitment, performance monitoring, and 

administrative tasks, leading to improved efficiency and reduced operational burden. Together these elements enable 

HR professionals to focus on strategic decision-making and employee engagement ltimately fostering HR innovation 

that balances technological advancement with human well-being and sustainable organizational growth. 
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8. Findings 

This study explored expert views on impact of AI on HRM, focusing on AI literacy, benefits, usage, academic 

background, and employability skills. Six themes emerged from thematic analysis, integrated with existing literature 

to extend understanding of AI-enabled HRM and its theoretical implications. 

8.1 Theme 1: AI-Enabled HR Transformation and Efficiency 

The findings show strong expert consensus that AI is transforming HR through automation, improved decision-

making, and process optimization, supporting Jarrahi (2018) who notes AI allows HR professionals to focus on 

strategic roles. Experts emphasized that high AI literacy increases confidence and accuracy in AI use, aligning with 

Jiang et al. (2022). Focus on efficiency and error reduction echoes Wilson & Daugherty (2018). Overall, successful 

AI-driven HR transformation requires not just technology but also human skills, trust, and readiness to leverage AI 

effectively. 

8.2 Theme 2: Sustainable and Ethical Innovation 

The analysis indicates that AI adoption is strongly associated with ethical governance, fairness, transparency, 

and the need for ethical innovation, consistent with Dignum (2019), who emphasizes that AI systems must be 

transparent, accountable, and safe. Experts highlighted sustainability and long-term strategic thinking, echoing 

Geissdoerfer et al. (2017), Gupta & Palsule, Desai (2019), Lozano (2016), and Yoo et al. (2020), who view 

sustainability as a dynamic organizational capability supported by governance mechanisms, digital systems, and 

circular economy principles. Furthermore, the study found that academic background influences how experts perceive 

ethical, sustainable, and governance frameworks, in line with Hamari et al. (2017), reinforcing that education shapes 

responsible technology adoption perspectives. 

8.3 Theme 3: Human-Centric and Inclusive HRM 

The findings suggest that even after technological advancements, the human traits of empathy, fairness, 

collaboration, communication, and relational competence still lie at the core of HRM. The experts have unanimously 

stressed that inclusiveness, psychological safety, and interpersonal involvement should be the principles that define 

AI, facilitated HR practices. This is in strong agreement with Wilson & Daugherty (2018) who consider AI as a tool 

that enhances human capabilities rather than that which replaces humans. 

The findings also corroborate the view of Hockerts (2015) who argues that the introduction of sustainable 

innovations is still largely dependent on a human role and is also in agreement with Jarrahi (2018) who emphasizes 

the necessity of human machine collaboration. The concern of expert for inclusion and empathy reflects the current 

understanding of human-centered AI, which sees relational skills and moral sensitivity as the key to the effective 

functioning of the HR sector (Lepri et al., 2018). 

8.4 Theme 4: Employee Development, Engagement, and Well-Being 

The findings indicate that AI acts as a medium for personalized education, skill, raising, and welfare activities. 

In particular, the experts pointed out skill mapping, adaptive learning delivery, and employee well-being tracking as 

major contributions of AI. This is consistent with the research on AI-enabled talent development which shows that AI 

acts as a driver for data, backed insights of career growth and workforce planning (Brynjolfsson & McAfee, 2017). 

The link between employability skills and AI-driven development thus strengthens the position that adaptability, 

digital competence, and continuous learning are becoming more and more essential for effectively dealing with AI 

ecosystems (Hamari et al., 2017). Furthermore, the correlation between Stream of Study and readiness for AI, enabled 

learning also concurs with research that academic exposure determines the acquisition of digital skills (Topi et al., 

2021). 

8.5 Theme 5: Balancing Automation with Human Judgment 

Experts highlight that while AI and automation improve accuracy and efficiency, human judgment remains 

crucial, especially in ethical, contextual, and relational decision-making. This aligns with O'Neil (2016) and Dignum 

(2019), who emphasize human oversight to prevent bias and ensure accountability. Moreover, AI literacy, as noted by 

Jiang et al. (2022), enables employees to critically assess AI outputs, reinforcing that AI should support human 

reasoning rather than replace it. 

8.6 Theme 6: Future of Sustainable HRM 
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Experts envision HRM integrating AI with ethical governance, digital sustainability, open leadership, and 

continuous learning. This aligns with Frank et al. (2021), who highlight convergent technologies and financial systems 

in fostering resilient innovation, and Sovacool et al. (2016), who stress sustainability depends on digital infrastructure, 

governance, and collaboration. The study shows that AI-driven advantages enhance optimism for long-term HR 

transformation, while employability skills strengthen adaptability in the digital workplace, supporting the concept of 

dynamic sustainability capabilities that link innovation, learning, and human empowerment (Lozano, 2016; Yoo et 

al., 2020). 

9. Conclusion 

This research focused on views of experts concerning the use of Artificial Intelligence (AI) in Human Resource 

Management (HRM) through a qualitative perspective and obtained information about a multilevel interaction of 

technology, human skills, and work culture influencing the future of work. According to the results, AI should not be 

regarded as a mere technological tool but rather as a technology that redefines in a fundamental way the HR processes 

changes in the workforce and organizational strategies with its transformative power. The professionals put emphasis 

on the fact that HR systems powered by AI lead to the enhancement of efficiency, decision quality, and operational 

accuracy thus presenting the idea that AI is a tool for strengthening the existing HR processes through the automation 

of repetitive tasks and the provision of data-driven insights. Yet, the effectiveness of AI relies on the availability of 

well-developed human-centered capabilities such as AI literacy, digital competence, and employability skills. These 

skills prepare people for the interpretation of AI results thus, keeping of ethical standards and the meaningful 

integration of technology in HR practices. 

According to research, the focus on ethical and sustainable innovation is of utmost importance if AI is to be 

used responsibly in a fair manner. Experts have consistently emphasized that, in addition to transparency and fairness 

robust privacy protection and effective governance frameworks are critical in maintaining employee trust, as they 

provide mechanisms to prevent and mitigate algorithmic bias. The significant role played by sustainability as a primary 

theme is indicative of the idea that organizations doing business through the aid of technology are expected to take 

care not only of the immediate but also the long-term workforce well-being, environmental protection, and social 

equity side of the equation. The study emphasizes preserving human qualities—empathy, communication, moral 

reasoning, and social awareness within AI-driven HRM. These human traits are essential for creating supportive, 

equitable, and thriving workplaces, ensuring that AI complements rather than replaces the human dimension of 

organizational operations. 

Another aspect about the future readiness of the workforce is touched upon in the article. Subtopics referring 

to employee development, well-being, and continuous learning are proof that AI is a source of empowerment to 

employees as it enables them to have their learning tailored to recognizing their skill gaps and to support their 

professional development. A prerequisite for the full use of the benefits is a workforce that has the right attitude 

towards being adaptable, reflective, and innovation-oriented. 

In conclusion, the integration of advanced digital technologies in human resource management has significantly 

enhanced decision-making accuracy, operational efficiency, and inclusivity while simultaneously supporting 

sustainable innovation. The adoption of data-driven approaches in recruitment, training, and performance evaluation 

enables organizations to improve workforce management by combining automation with a continued emphasis on 

human judgment and empathy. Furthermore, the responsible implementation of such technologies reinforces ethical 

HR practices by promoting fairness, transparency, and employee well-being. Collectively, these developments 

contribute to strengthening organizational adaptability and competitiveness while fostering long-term growth that 

remains firmly centered on human values. 

10. Implications 

The study highlights that modern HR practices must be treated as integrated systems that reshape management 

decisions, employee experiences, and organizational capabilities. Organizations should invest in employee training 

and conduct learning programs for them to enhance digital competency, critical thinking, and effective system use, 

enabling staff to navigate complex workplace tools responsibly. Focusing on transparency, fairness, and accountability 

can build trust and reduce ethical risks in decision-making. 

Educational institutions should embed ethics, sustainability, and human-centered design across all disciplines 

and strengthen industry collaborations to align workforce skills with organizational demands. Policymakers should 
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ensure regulations safeguard employee data, enhance process transparency, prevent discrimination, and support 

innovation while protecting employee rights. 

For research, the study opens avenues for interdisciplinary work linking technology, sustainability, 

employability, and ethical governance, as well as investigations into cultural or industry-specific variations, workforce 

well-being, and collaborative models in HRM. Overall, successful modern HR adoption requires coordinated efforts 

across individuals, organizations, education, and policy to foster a sustainable, resilient, and inclusive workforce. 

11. Limitations 

The study adopts a qualitative approach and relies primarily on expert opinions, which may not fully represent 

the perspectives of all industries. Additionally, the rapid pace of technological development may render some insights 

time-specific, thereby necessitating continuous reassessment to maintain their relevance. Also, with specified and all-

inclusive search terms on the theme, and collected data from Scopus Database in the past years 10 years (2015-2025). 

If the researcher had used other keywords and used different database, then it would have yielded different results. 

Conceptual framework should be empirically tested. The lack of quantitative validation further limits the 

generalizability of the results. Future research may address these limitations by employing quantitative or mixed-

method approaches and examining diverse organizational settings to enhance the robustness. 
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