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Abstract: Artificial Intelligence (Al) driven Decision Support Systems (DSS) help transform the field of strategic management
through rapid, accurate and data-driven decision-making in increasingly complicated business environments. This article is centered
on a comprehensive machine learning approach for Al-enabled strategic decision support involving all aspects of data acquisition,
predictive analytics models, intelligent recommendation systems and collaboration between humans and Al. The framework
suggested consists in the integration of data coming from the enterprise, customer relationship management systems, financial
databases and market intelligence services and results obtained through machine learning technologies. The process of decision-
making involves both the utilization of recommendation systems to develop possible strategies based on analytical results and
human involvement ensuring that the outcome is ethical, clear and considerate. The research shows that Al-enabled DSS helps to
enhance decision-making quality, operational efficiency, competitive edge, innovation capabilities, and organizational agility as a
result of continuous learning. In addition, the paper argues that explainable Al, data governance, organizational preparedness, and
responsible Al governance are important factors for successful implementation. Despite numerous advantages available, there are
some challenges connected with data quality, transparency of algorithms, data confidentiality, safety, and managerial acceptance
that should also be taken into account. The conceptual framework proposed emphasizes a focus on effective cooperation of
sophisticated Al technologies with rational judgments that assist decision-makers while staying accountable and trustworthy. The
results imply that Al-enabled decision support systems can be essential for businesses striving to adopt digitalization, ensure
sustainability, and maintain long-term competitiveness in the context of intelligent organizations. Further studies should investigate
target industries, Explainable Al (XAI), ethical frameworks of governance, and the integration of new technologies such as Digital
Twins, Generative Al, and autonomous decision-making systems.

Keywords: Artificial Intelligence, Decision Support Systems, Machine Learning, Strategic Management, Organizational
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1. Introduction

Strategic management is an important function in organizations that entails making long-term decisions
pertaining to competitive positioning, resource allocation, innovation, organizational growth, and sustainable
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development. In the current environment of rapid changes and technological advances in business, organizations face
more complexity stemming from globalization, digitalization, fast-changing consumer expectations, and tough
competition in the marketplace. In such a context, relying on the traditional ways of decision-making based on
managers' experience, intuition, and past knowledge is mostly inappropriate. At the same time, organizations produce
immense amounts of structured and unstructured data in the course of their operations, in processes with their clients,
or through digital and financial systems, supply chains, social media, and other digital platforms. Thus, converting all
this massive data volume into useful strategic information is critical for organizations, as it makes it possible to gain
a competitive edge and survive in the modern environment [1,2].

Artificial Intelligence (Al) is now regarded as a revolutionary technology that greatly improves business
intelligence, as it facilitates organizations in processing huge amounts of information, discovering hidden trends,
forecasting future news, and offering valuable advice. Al-based Decision Support Systems (DSS) incorporate modern
technologies like machine learning, predictive analytics, natural language processing, and intelligent automation, thus
allowing managers to solve complicated business issues. However, as opposed to classical DSS where information is
primarily provided in the form of reports, Al-based DSS start learning from historical information and adapting to
changing business situations, thus improving the precision of their recommendations. Such intelligent systems can
play a significant role in the activities of companies regarding the prediction of consumer behavior, market trends,
gauging financial risks, optimization of resources, supply chain management, and strategic planning. As a result,
companies can transit from reactive decision-making to pre-active, predictable, and data-driven management
process[3,4].

The introduction of Al into strategic management creates an important change from decision support that is
based on information to decision-making that is based on intelligence, with the human knowledge being supported by
the insights from the work of Al. This implementation, despite all its strengths, would only be successful if some
important factors such as quality of data, technology, organizational preparedness, the level of managerial trust,
transparency, governance and compliance are fulfilled. In order to benefit from the implementation of Al, those issues
have to be solved and taken into consideration. This paper therefore attempts to analyze the role of Al-based Decision
Support Systems in the area of strategic management and to develop a model based on machine learning which would
improve decision making in organizations and the performance of such organizations [5].

2. Literature Review

2.1 Artificial Intelligence in Strategic Management

Artificial intelligence refers to computer systems that have the capacity to conduct functions that demand things
like human intelligence, including learning, reasoning, predicting, pattern recognition, and problem resolution. In the
context of strategic management, Al has come to the fore as a new technology that helps organizations transform large
amounts of structured and unstructured information into valuable insights that can be used for strategy-formulating
and decision-making purposes. Traditional technology solutions provided for using managerial expertise and historical
data while Al enables evidence-based decisions through analyzing complex business environments and spotting
opportunities and trends affecting future developments [6,7].

Artificial Intelligence (Al) facilitates numerous activities in strategic management such as predicting market
trends, segments of customers, the demand forecast, measuring financial risks of business, analyzing competitors,
optimizing resources, and scenarios for strategic planning. Utilizing machine learning and predictive analytics, Al
makes it possible for managers to consider several strategic options, understand what is likely to happen due to their
decision and the risks associated with it before putting a certain strategy into action. This means that thanks to Al, the
quality of the decision-making process improves, the flexibility of the organization increases, and the bias caused by
human factor is minimized [8].
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2.2 AI-Driven Decision Support Systems

DSS (Decision Support Systems) are computer powered information systems, developed for the purpose of
aiding managers in decision problem solving of semi-structured type. Conventional DSSs are primarily aimed at
collecting, processing, and systematizing information in order to create reports and descriptive statistics. However,
new technologies in Artificial Intelligence have changed the face of traditional DSS into intelligent decision support
systems whose functions include learning from acquired data, pattern recognition, prediction of future events and
making recommendations on the best strategic decisions.

A decision support system driven by artificial intelligence consists of four interrelated components: the data
management level, which gathers, combines, stores, and preserves quality internal and external organizational
information; the machine learning engine, which makes use of the three types of learning algorithms, i.e., supervised,
unsupervised, and reinforcement learning methods to perform pattern recognition tasks and make reliable forecasts;
the intelligence and recommendation facility, which converts analysis results into recommendations, risk assessments,
and scenario analysis; and the human interaction platform where managers receive insights provided by Al systems,
carry out recommendations verification applying their managerial experience, and make final decision based on their
strategic objectives. The interaction between its components increases decision making speed and accuracy of
prediction, as well as the level of responsiveness of the organization, thus improving organizational performance,
since human judgment is still the key in the process of strategic decision making (Table 1) [9].

Table 1. Al Technologies Supporting Strategic Management Decision-Making

Al Technology Strategic Management Application | Expected Organizational Benefit

Machine Learning Sales forecasting, demand | Improved decision accuracy
prediction, customer retention

Predictive Analytics Market trend analysis, financial | Proactive strategic planning
forecasting

Natural Language Processing (NLP) | Customer feedback and sentiment | Better customer understanding

analysis

Business Intelligence Performance  monitoring  and | Data-driven managerial decisions
reporting

Optimization Algorithms Resource allocation and supply | Increased operational efficiency

chain optimization

Al Recommendation Systems Strategic scenario evaluation Better strategic decision support
Explainable AI (XAI) Transparent Al recommendations Increased executive trust and
acceptance

3. Machine Learning Framework for Strategic Decision Support

3.1 Data Acquisition and Integration

The first phase of the suggested decision support system based on artificial intelligence entails the collecting
and merging of organizational data obtained from many different sources. These sources include systems such as
enterprise resource planning, customer relationship management, databases of finance, market intelligence,
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operational records, and social media analytics. The data collected is pre-processed, cleaned, integrated, and validated
in order to achieve consistency, completeness, and quality. The data of good quality represents the roots of effective
machine learning models since wrong and incomplete data can lower the level of accuracy of predictions and generate
ineffective strategic recommendations [10].

3.2 Machine Learning-Based Analysis

In the second stage, the machine learning algorithms are used to analyze the integrated organizational data and
to generate predictive insights. Different analytical models are used depending on the strategic aim. Predictive models
help in forecasting sales, predicting customer retention, and assessing financial risks, whereas classification models
are of use in analyzing customer behavior; detecting fraud; and segmentation of markets. Optimization models are
responsible for improving supply chain operations, workforce planning, and human resource allocation. And the
machine learning engine enhances the predictive potential thanks to the continual learning of the historical data and
the current information [11].

3.3 Strategic Recommendation System

Upon finishing analyzing the data, the Al-powered decision support system converts the analytical results into
actionable propositions for strategic planning. This recommendation system assists the managers in spotting possible
business opportunities, analyzing the strategic options, and examining the associated risks. It is capable of predicting
the market demand before introducing a new product to the market, discovering the most promising customer groups,
and recommending some strategies for the reduction of costs, predicting operational risk, and offering assistance in
long-term strategic planning. Thus, by providing grounded propositions, the system allows organizations to improve
their decision making, effectiveness of their operations, and adaptability to changes in the business world [12].

3.4 Human—AI Collaboration

The integration of Al and human managers is the main object of consideration at this stage. Given that Al can
provide precise predictions and wise recommendations, it is important to understand that the strategic decisions made
by the organizations should lie within the domain of the experienced managers who can justify the decisions ethically
and in line with the global business practices. Thus, the decisions made by the managers will be based on the Al
analysis in accordance with the organizational objectives, rules, perceptions of various stakeholders, and external
environment. Thus, the machine analysis and human judgment will be combined for transparent and responsible
decision-making process (Figure 1) [13].
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1. Organizational Data

Collect data from internal and external
sources such as ERP, CRM, financial
databases, market intelligence platforms,
social media analytics, etc.

v

2. Machine Learning Algorithms

Apply machine learning algorithms to
process data, identify patterns, learn
from historical data and generate
predictive models.

v

3. Predictive Analytics & Intelligence

Generate predictive insights, forecasts,
patterns, trends and risk assessments
using analytical models.
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4. Al-Based Decision Recommendations

Al system converts analytical outputs into
actionable strategic recommendations
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5. Executive Evaluation & Strategic Action

Executives evaluate Al recommendations
using expertise, organizational goals, ethical
considerations and external conditions, then
decide and take strategic action.

~
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-
/ 6. Improved Organizational Performance

Better decisions lead to higher efficiency,
innovation, competitive advantage and
sustainable growth.

~

J

Figure 1: Conceptual Al-Driven Strategic Decision Framework
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4. Impact of AI-Driven Decision Support Systems on Organizational Performance

4.1 Improved Decision Quality

Al-based Decision Support Systems (DSS) enhance the effectiveness of strategic decision-making through the
generation of accurate, timely, and evidence-based recommendations. To achieve this, these systems use machine
learning methods and predictive analytics to process large datasets of the organization in order to reveal concealed
patterns and evaluate various strategic solutions at the same time. Thus, information that forms the basis for the
decisions of managers is based on knowledge grounded in research instead of speculations and intuitions, which
minimizes uncertainty and thereby improves the effectiveness of strategic planning [14].

4.2 Operational Efficiency

Al-based DSS is improving efficiency levels through automation of regular analytical processes and
optimization of organization functions. Machine learning models constantly analyze business data to find the gaps in
work processes, improve workflows, and improve resource allocation. Automation of manual processes allows to
reduce Tpynosarpatsl, decrease human errors, and speed up decisions. Therefore, companies can optimize resource
allocation, improve efficiency and minimize costs [15].

4.3 Competitive Advantage

The implementation of Al-based DSS gives companies a competitive edge because it allows them to respond
to changing market conditions in a more effective and quicker manner. Al applications research customer behaviour,
market trends and competition, facilitating the formulation of creative business strategies. All these intelligent
information helps firms spot opportunities, increase customer satisfaction, improve strategic positioning and develop
long-term competitiveness [16].

4.4 Risk Management

Intelligent decision support systems (DSS) which leverage Artificial Intelligence play an influencer in effective
risk management by acting as an early warning system against possible threats which would otherwise severely affect
business processes and activities. Through the application of machine learning algorithms, it is possible to monitor
financial transactions, operational processes, cyber security events, supply chain functionalities, and compliance with
regulations, thus allowing organizations to spot possible anomalies and anticipate possible risks [17].

4.5 Innovation and Organizational Learning

The Al-powered DSS facilitates ongoing innovation and organizational learning by examining the past
decisions and results of the business. Feedback learning systems allow machine learning models to update their
predictions to improved ones when new data is received. The continuous cycles of learning help businesses to develop
their strategic planning, grow their innovation power, adapt to the changes in their external environment, and build
the culture of the evidence-based decision-making [18].

5. Challenges in AI-Based Strategic Decision Systems
5.1 Data Quality and Availability

The quality, accuracy, and availability of organizational information greatly influence the effectiveness of Al-
enabled Decision Support Systems. The accuracy of machine learning algorithms in making predictions and giving
valuable recommendations depends on high quality, consistent, and reliable datasets. Low-quality information, lack
of values, inconsistencies in records, or biased datasets will lead to inaccurate analysis, unreliable forecast, and useless
strategic decisions. Thus, organizations must stimulate strong data governance practices before introducing the use of
Al decision-making systems [19].

5.2 Lack of Explainability and Transparency
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An important difficulty in Al-focused decision-making mechanisms is that sophisticated machine learning
techniques don’t offer the explanation of their working principles. As a result, many of the recommendations and
predictions based on complicated algorithms, and especially deep learning algorithms, are treated as the results of
“black boxes,” which complicates the process of managers’ understanding of how exactly the recommendations and
predictions were produced. The absence of transparency will result in lower trust and acceptance of the information
produced by Al solutions, which is why it is crucial for marketers to implement Explainable Artificial Intelligence
(XAI) and thus provide clarity in terms of the mechanism used and be able to explain the conclusions received from
their analysis [20].

5.3 Ethical, Privacy, and Security Concerns

The increasing use of Al in strategic management raises various ethical, security, and privacy-related
challenges. Businesses need to work very hard in order to secure Al-based technologies in accordance with the laws
and regulations in the field of protecting sensitive information of organizations and customers. Furthermore, Al
systems should be designed in such a way that automated decision-making processes are fair, transparent, and
accountable [21].

5.4 Organizational Readiness and Managerial Acceptance

The effective functioning of an Al-powered decision support system hinges on both technological capacities as
well as organizational preparedness and acceptance of the different managerial aspects involved. For the employees
and management to be able to trust the recommendations made by Al sufficient awareness should be created among
individuals through training, change management programs, and other processes. Organizational culture needs to be
established that would promote the use of the combined knowledge obtained from humans and Al systems (Table
2)[22].

Table 2. Organizational Benefits and Challenges of Al-Driven Decision Support Systems

Dimension

Key Benefits

Major Challenges

Decision-Making

Faster and evidence-based strategic
decisions

Dependence on high-quality data

Operational Performance

Process automation and resource
optimization

Integration with existing systems

Competitive Advantage

Improved innovation and market

Rapid technological changes

responsiveness

Risk Management Early detection of financial, | Model transparency and
operational, and cybersecurity risks | explainability

Governance Improved compliance and | Ethical concerns, privacy, and
monitoring algorithmic bias

Human Factors Better managerial support and | Resistance to AI adoption and
collaboration training requirements

6. Managerial Implications

6.1 Evidence-Based Strategy Formation

Decision Support Systems (DSS) powered by Al help administrators to create strategies based on real data, not
assumptions. Machine learning calculates trends and offers insights based on future forecast models and historical

785



statistics. Thus, this enhanced way of strategic planning helps to improve the precision of the decision-making process
and to eliminate the trouble of ambiguities [23].

6.2 Faster and More Effective Decision-Making

The speed of the managerial decision-making process is greatly enhanced by Al, due to the automation of
activities such as gathering, analyzing, and forecasting. Consequently, instead of wasting too much time poring over
huge amounts of data, the management is able to obtain instant information about the situation and make intelligent
decisions. This helps to increase the efficiency of an organization and make it more agile.

6.3 Optimized Resource Allocation

The Al-based DSS helps businesses in the better distribution of financial, human, and operational resources.
This is done by using machine learning models that study patterns of resource consumption, predict needs, and suggest
the most efficient methods of resource distribution in order to ensure the most effective performance with
minimization of expenses. Better utilization of resources enables the improvement of the performance, implementation
of the strategic goals, and support of sustainable growth of the company.

6.4 Improved Customer-Centric Strategies

Al gives organizations the chance to improve customer strategy and increase its efficiency by studying the
behavior and preferences of clients, their shopping habits, and the latest trends that appear in the market. The analysis
enables organizations to apply their knowledge during segmentation, personalization, demand forecasting, and
creation of new products. Understanding the needs of clients better they improve their level of satisfaction and the
quality of relationships with them leading to better results in business.

6.5 Strategic Agility and Human—AI Collaboration

The Al-driven Decision Support System (DSS) has improved the capacity of organizations to adapt to market
changes allowing managers to quickly spot business opportunities and deal with competition proactively.
Nevertheless, Al should be considered a complement of human judgment rather than a substitute for it. The success
of the decisions taken strategically hinges on the harmony between Al-generated insights and human reasoning to
include in the process said insights in conjunction with goals of the company, ethical issues involved in the decision-
making, and the context of the decision taken[24].

7. Future Research Directions

7.1 Al Capability and Organizational Performance

The next step for research should include establishing links between the organizational performance and the
capabilities of artificial intelligence in terms of different industries and organizational contexts. Empirical studies will
need to analyze the impact of factors such as Al maturity, technology infrastructure, and machine learning capability
on strategic decision making, operational efficiency, innovation, and competitive advantage. Quantitative research
methods can show how the implementation of Al guarantees the success of organizations in future.

7.2 Explainable Al and Executive Trust

The evolution of artificial intelligence-enabled decision support systems means that research into the impact of
explainable artificial intelligence (XAI) on the confidence of business leaders in making decisions is becoming
increasingly valuable. Future research should analyze how transparency, interpretability and explainability can
improve managers’ trust in Al-based recommendations. The role of XAl in promoting the cooperation of humans and
Al systems should also be studied so that managers make better decisions.
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7.3 Al Governance and Ethical Decision Systems

Further studies should aim at creating complete systems of governance for artificial intelligence which
guarantee full transparency and accountability, high degree of equity, compliance with regulations and confidentiality
of information in artificial intelligence development in organizations. In-depth research should be conducted on this
topic in order to analyze how to establish governance systems which not only provide effective decision-making basis
but also secure ethical implications of innovations and avoid such challenges as the bias in algorithms, data security
and project implementation.

7.4 Industry-Specific Applications of AI-Driven DSS

The efficiency of Al-based Decision Support Systems needs further exploration within various spheres such as
health care, production, financial services, retail, supply methods and public sector. The use of comparative research
methods provides an opportunity to gather data associated with impediments, implementation strategies and efficiency
results within each industry. Furthermore, the application of advanced research methods like Structural Equation
Modelling (SEM), machine learning experiments, longitudinal research and case studies will help in better
understanding of the practical and strategic significance of Al-based DSS for organizations.

7.5 Innovation, Organizational Learning, and Emerging Al Technologies

Future studies are going to be concentrated on the analysis of the significance of Al decision support systems
in encouraging innovation processes and learning to adapt to the unpredictable environment. Specifically, it would be
necessary to investigate how contemporary technologies, such as generative Al, large-scale language models, digital
twins, and autonomous decision-making systems can complement conventional machine learning methods. This could
help to better comprehend how efficient these technologies are in developing innovation potential and knowledge
management in companies and overcoming different obstacles.

8. Conclusion

Decision Support Systems (DSS) that use Artificial Intelligence (AI) have changed how organizations make
strategic decisions, as they allow organizations to make decisions more quickly, accurately and based on facts. Thanks
to the combination of machine learning technology, predictive analytics and smart recommendation systems, Al-
driven DSS allows for effective strategic planning, operational effectiveness improvement, risk management
enhancement and securing competitive advantage. The usage of those tools allows organizations to quickly adjust to
the constantly-changing business environment and make optimal use of resources and make optimal decisions.

The machine learning framework presented in this text establishes that the successful implementation of Al-
assisted decision support systems depends on the proper integration of innovative technologies, good quality data,
organizational readiness, management experience, and responsible governance of Al. Even if Al offers useful
predictive insights and recommendations, human judgment still plays a crucial role in assessing those
recommendations in both organizational and ethical terms.

Digital transformation being adopted by companies will necessitate the use of Al-assisted decision support. In
turn, this strategic skill will allow organizations to be more agile, more innovative, more responsive to strategy, and
more productive in the long term. The further advancements of XAI, Al governance, and machine learning
technologies will encourage the rise of effectiveness, transparency, and reliability of Al-driven strategic decision
support systems.

ABBREVIATIONS

Al Artificial Intelligence

XAI Explainable Artificial Intelligence
MIS Management Information Systems
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Al DISCLOSURE STATEMENT

During the preparation of this manuscript, the author(s) used an online tool solely for language checking,

grammar and spelling checks, grammar improvement, enhance image quality. No Al tools were used for concept
development, hypothesis formulation, data collection, analysis, or interpretation. After its use, the author(s)
thoroughly reviewed, verified, and revised content to ensure accuracy and originality.

AVAILABILITY OF DATA AND MATERIALS

All data generated or analyzed during this study are included in this published article.
ETHICS APPROVAL AND CONSENT TO PARTICIPATE
Not applicable.

HUMAN AND ANIMAL RIGHTS

Not applicable.

INFORMED CONSENT

The research does not contain any study with human participants
CONSENT FOR PUBLICATION

Not applicable.

FUNDING

None.

CONFLICT OF INTEREST

The authors declare no conflict of interest, financial or otherwise.
AUTHORS CONTRIBUTIONS

V.S.G., S.B.D. and P.R.N., contributed to the derived the model, research design and implementation, as well

as the data analysis and manuscript writing.

ACKNOWLEDGEMENTS

Authors are thankful to S.P. Mandali’s, Prin. L. N. Welingkar Institute of Management Development &

Research, Mumbai, 400019, University of Mumbai, Mumbai, India.

REFERENCES

1.

Pu Y, Li H, Hou W, Pan X. The analysis of strategic management decisions and corporate competitiveness based on
artificial intelligence. Sci Rep. 2025 May 23;15(1):17942. doi: 10.1038/s41598-025-02842-x. PMID: 40410317,
PMCID: PMC12102288.

Alomar MA. Performance Optimization of Industrial Supply Chain Using Artificial Intelligence. Comput Intell Neurosci.
2022 Jul 30;2022:9306265. doi: 10.1155/2022/9306265. PMID: 35942447, PMCID: PMC9356809.

788



10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

Sharma, M., Maurya, P., Hazra, A., & Tomar, A. (2026). The future of supply chain management in Industry 5.0:
Emerging challenges and strategic opportunities. Renewable and Sustainable Energy Reviews, 242, 117327.
https://doi.org/10.1016/j.rser.2026.117327

Mengzies, J., Sabert, B., Hassan, R., & Mensah, P. K. (2024). Artificial intelligence for international business: Its use,
challenges, and suggestions for future research and practice. Thunderbird International Business Review, 66(2), 185—
200. https://doi.org/10.1002/tie.22370

Alves M, Seringa J, Silvestre T, Magalhdes T. Use of Artificial Intelligence tools in supporting decision-making in
hospital management. BMC Health Serv Res. 2024 Oct 25;24(1):1282. doi: 10.1186/512913-024-11602-y. PMID:
39456040; PMCID: PMC11515352.

Xu'Y, Liu X, Cao X, Huang C, Liu E, Qian S, Liu X, Wu Y, Dong F, Qiu CW, Qiu J, Hua K, Su W, Wu J, Xu H, Han
Y, FuC, Yin Z, Liu M, Roepman R, Dietmann S, Virta M, Kengara F, Zhang Z, Zhang L, Zhao T, Dai J, Yang J, Lan L,
Luo M, Liu Z, An T, Zhang B, He X, Cong S, Liu X, Zhang W, Lewis JP, Tiedje JM, Wang Q, An Z, Wang F, Zhang L,
Huang T, Lu C, Cai Z, Wang F, Zhang J. Artificial intelligence: A powerful paradigm for scientific research. Innovation
(Camb). 2021 Oct 28;2(4):100179. doi: 10.1016/j.xinn.2021.100179. PMID: 34877560; PMCID: PMC8633405.

Golec, M., Hatay, E. S, Gill, S. S., & Buyya, R. (2025). Artificial intelligence (Al): Foundations, trends and future
directions. Telematics and Informatics Reports, 20, 100265. https://doi.org/10.1016/j.teler.2025.100265

Batz, A., D’Croz-Baron, D.F., Vega Pérez, C.J. et al. Integrating machine learning into business and management in the
age of artificial intelligence. Humanit Soc Sci Commun 12, 352 (2025). https://doi.org/10.1057/s41599-025-04361-6
Bayer, S., Gimpel, H., & Markgraf, M. (2022). The role of domain expertise in trusting and following explainable Al
decision support systems. Journal of Decision Systems, 32(1), 110—138. https://doi.org/10.1080/12460125.2021.1958505
Ledro, C., Nosella, A., Vinelli, A., Dalla Pozza, 1., & Souverain, T. (2025). Artificial intelligence in customer relationship
management: A systematic framework for a successful integration. Journal of Business Research, 199, 115531.
https://doi.org/10.1016/j.jbusres.2025.115531

Sarker IH. Data Science and Analytics: An Overview from Data-Driven Smart Computing, Decision-Making and
Applications Perspective. SN Comput Sci. 2021;2(5):377. doi: 10.1007/s42979-021-00765-8. Epub 2021 Jul 12. PMID:
34278328; PMCID: PM(C8274472.

Liang, M. (2026). How marketing mechanisms build trust in Al recommendation systems: a serial mediation model in
live-streaming commerce. Cogent Business & Management, 13(1). https://doi.org/10.1080/23311975.2026.2658868
Naoum, R.F., Szakadati, T. & Balogh, G. Artificial Intelligence (AI) in human resource management (HRM): a
systematic review of its dual impact on diversity, equity, and inclusion (DEI). Manag Rev Q (2026).
https://doi.org/10.1007/s11301-025-00580-y

Sacavém, A., Machado, A. d. B., Rodrigues dos Santos, J., Palma-Moreira, A., & Au-Yong-Oliveira, M. (2026). Al-
Driven Leadership: Decision-Making, Competencies, and Ethical Challenges—A Systematic Review. Administrative
Sciences, 16(4), 173. https://doi.org/10.3390/admscil 6040173

Kovari, A. (2024). Al for Decision Support: Balancing Accuracy, Transparency, and Trust Across Sectors. Information,
15(11), 725. https://doi.org/10.3390/info15110725

Soori, M., Jough, F. K. G., Dastres, R., & Arezoo, B. (2026). Al-based decision support systems in Industry 4.0: A
review. Journal of Economy and Technology, 4, 206-225. https://doi.org/10.1016/j.ject.2024.08.005

Chen, J., Lou, Z., Chen, G., Zhang, C., & Li, Y. (2025). Research on the application of Al-based intelligent decision
support systems in e-government services. Journal of Organizational and End User Computing, 37(1).
https://doi.org/10.4018/JOEUC.392618

Gupta, B. B., & Panigrahi, P. K. (2023). Analysis of the role of global information management in advanced decision
support systems (DSS) for sustainable development. Journal of Global Information Management, 31(2).
https://doi.org/10.4018/JGIM.320185

Premkumar, M., Ashokkumar, S. R., Anupallavi, S., Srinivasan, D., Prema, K., & Kiran, A. (2025). Al based strategic
decision framework for precise e-commerce applications and ensuring consumer trust through tactical precision and
decision-driven strategies. Results in Engineering, 28, 108191. https://doi.org/10.1016/j.rineng.2025.108191

Rizzo M, Veneri A, Marcuzzo M, Zangari A, Albarelli A, Lucchese C, Nobile MS, Conati C. Machine learning models
explanations as interpretations of evidence: a theoretical framework of explainability and its implications on high-stakes
biomedical decision-making. BMC Med Res Methodol. 2025 Dec 31;25(Suppl 1):282. doi: 10.1186/s12874-025-02703-
1. PMID: 41469544; PMCID: PMC12754877.

Jin, Y., Zhang, Z., Lyu, Z., & Ni, J. (2026). Security, privacy, and ethical risks in OpenClaw. Journal of Information and
Intelligence. Advance online publication. https://doi.org/10.1016/j.jiixd.2026.05.006

789



22.

23.

24.

25.

26.

Leszczynski, G., Gaczek, P., & Munzel, A. (2026). Managerial decision-making and Al: A taxonomy of Al collaboration
orientations and strategic integration. Technovation, 153, 103519. https://doi.org/10.1016/j.technovation.2026.103519
Li, H. (2025). Machine learning optimization for vocational literacy education evaluation: A big data-powered decision
support system. Alexandria Engineering Journal, 129, 1258—1271. https://doi.org/10.1016/.a¢j.2025.08.029

Luo, J., Shafiei, M. W. M., Ismail, R., & Chen, L. (2026). Performance effects of Al assimilation: The role of
organizational agility, learning orientation, and technological innovation. Journal of Strategy & Innovation, 37(1),
200573. https://doi.org/10.1016/j.jsinno0.2026.200573

Wang, Y., Gao, X., Fu, L., & Chen, Z. (2026). Al-enabled open innovation: A contingency approach to building
organizational resilience. Technology in Society, 88, 103462. https://doi.org/10.1016/j.techsoc.2026.103462

Hagq, F. ul, & Suki, N. M. (2025). Al-driven innovation in emerging markets: Extending the technology acceptance
model-technology—organization—environment framework in small- and medium-sized enterprises. Data Science and
Management, 8(4), 485-499. https://doi.org/10.1016/j.dsm.2025.04.002

790



