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Abstract: This article examines the role of artificial intelligence (Al) in enhancing human resource management (HRM) within
the education industry. Building upon recent growth, it examines how Al-enabled tools automate repetitive HR tasks, support data-
driven decision-making, and augment strategic functions such as recruitment, workforce planning, and staff development. A
quantitative research design was adopted, with a purposive sample of 50 HR professionals from educational institutions. Data was
collected through a structured questionnaire using a five-point Likert scale and analyzed with descriptive statistics. Findings
indicate high levels of awareness of Al among HR professionals and strong agreement that Al improves recruitment accuracy,
workforce planning and personalized training. Respondents also acknowledged AI’s value in enhancing employee engagement and
supporting data-driven HR decision-making, although concerns about data privacy and reduced human interaction remain. The
study contributes to ongoing debates on digital transformation in HRM by providing empirical evidence from the education sector
and suggests directions for both practice and future research.
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1. Introduction

Educational institutions operate in a dynamic environment where technological advancements, changing learner
expectations and global competition require energetic and efficient human resource practices. Human resource
management in education involves attracting, developing and retaining competent staff while aligning HR policies
with institutional strategies. Artificial intelligence has emerged as a trans-formative force in this domain; machine
learning algorithms and natural language processing can streamline recruitment, personalize training and support
routine performance evaluation. Recent studies note that Al improves accessibility, learning outcomes and
administrative processes in higher education. Al automates repetitive tasks without replacing the human-centred
aspects of HRM; it accelerates applicant screening, enables chat-bots to respond to queries and frees HR personnel to
focus on employee development. However, the integration of Al also raises ethical issues, including data privacy,
algorithmic bias and the risk of diminishing human interaction. This article explores these issues through an empirical
study of HR professionals in the education sector.

Academics emphasize that integrating Al with HRM offers strategic advantages for educational institutions.
Al-enabled systems can automate administrative tasks, support talent acquisition, and deliver personalized learning
experiences. Studies also highlight AI’s role in identifying student needs, enhancing faculty development and
facilitating resource allocation. Prikshat et al. (2023) argue that Al transforms recruitment by enabling more
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sophisticated applicant screening and interaction via chatbots, resulting in improved candidate quality and reduced
time to hire. Al-driven analytics have been used to evaluate faculty performance and design professional development
programmes. Nevertheless, researchers caution that Al systems may reinforce existing biases if training data are
unrepresentative, and they warn of security and privacy risks associated with handling sensitive personal and academic
data. There is also concern that automation may erode the human elements of HRM, such as relationship building and

empathetic communication. Despite these debates, empirical studies focusing specifically on AI’s impact on HR
functions in education remain limited.

Existing research primarily addresses Al adoption in HRM at a general organizational level, with few studies
examining education-specific contexts. Recent work explores generative Al’s potential in higher education and the
sustainability of Al-enabled HRM capabilities, but there is little empirical evidence on how Al optimizes HR functions
such as recruitment, performance management and employee engagement in educational institutions. This study
addresses that gap by investigating HR professionals’ perceptions of Al’s effectiveness in the education industry. The
objectives are to explore the potential of Al powered tools in optimizing HR operations in education; to evaluate the
significance of Al in enhancing HR tasks; and, to assess the influence of Al on specific HR activities, including
recruitment, workforce planning and training.

2. METHODOLOGY

A gquantitative research methodology was adopted, consistent with a positivist philosophy that emphasizes
objectivity and the empirical testing of hypotheses. An exploratory research design guided the initial literature review
and informed the development of a structured survey. The study employed a deductive approach to assess theoretical
propositions about AI’s impact on HRM. The target population comprised HR professionals working in educational
institutions in India and the UAE, such as KLE College of Bangalore University, Divekar College of Karnataka
University, Microvision, Success Point College UAE, Royal Roads University UAE, and so on. A purposive sampling
strategy was used to select 50 respondents who had direct experience with Al-enabled HR tools. Data were collected
via a self-administered questionnaire using a five-point Likert scale ranging from “strongly disagree” to “strongly
agree.” Respondents received an information sheet outlining the study’s purpose and provided informed consent. Data
were analysed to generate descriptive statistics and graphical representations of the results.
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Figure 1: Representation of demographic data of respondents with (a) age, (b) gender, (c) Work
experience and (d) Job roles

Demographic data indicated that 40 % of respondents were aged 46-55 and 28 % were aged 36-45; respondents
under 25 or over 55 were a small minority. The gender distribution was relatively balanced, with 46 % male and 42
% female participants, while 12 % preferred not to disclose their gender. Nearly half of the participants had 10-15
years of experience in the education sector, demonstrating a highly experienced sample.

Participants reported a wide range of HR roles: 32 % specialised in performance management, 22 % in
compensation and payroll, 20 % in training and development, 18 % in recruitment and talent acquisition and 8 % in
other HR activities. These varied backgrounds provided diverse perspectives on Al adoption. The survey asked
respondents to evaluate several statements about Al in HRM.
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Figure 2: Survey responses on (a) Understanding of Al, (b) accuracy of Al in selection, (c) effectiveness
of Al in workforce planning and (d) Revolutionisation of HR
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Figure 3: Survey responses on (a) Employee and student engagement, (b) Al-aided decision making, (c)
role of Al in the future and (d) Role of Al in improving efficiency

4. DISCUSSION

The above illustration (Figure 1) shows that most of the respondents fall under the 46 to 55 years age group (40
%), next highest respondents were from 36 to 45 age group (28%). There were a smaller number of people from above
55 years age group (8%). On the other hand, there was similar respondents from both 26 to 35 and 18 to 25 age group
(12% and 12%). There was similar percentage of female and male respondents from the education sector. There were
46% male participants and 42% female participants in the survey. However, a portion of respondents (12%) did not
disclose their gender while participating in the survey. 48 % of the respondents had experience of 10 to 15 years; 3 %
had more than 15 years of experience; and 20 % of the respondents had 5 to 10 years of experience (Figure 3).
Therefore, participants were highly experienced in HRM in education industry. In the said selection, 32% of the
respondents dealt with performance management; 22% respondents were experienced on compensation and payroll;
20% respondents were experienced on training and development; 18% respondents were experienced in recruitment
and talent acquisition, and remaining 8% had experience in other HR activities in the education industry.

The findings reveal a generally positive perception of Al among HR professionals in the education sector. High
levels of Al literacy of over 94% (Figure 2 (a)) suggest that educational institutions have begun adopting Al tools and
that HR staff recognize their benefits. The strong agreement regarding recruitment (Figure 2(b)) accuracy aligns with
previous research that emphasizes Al’s capability to screen candidates efficiently and reduce biases inherent in manual
processes. Similarly, positive responses on workforce planning (Figure 2(c)) corroborate the literature highlighting
AT’s ability to analyze workforce data and predict staffing needs. The emphasis on personalized (Figure 2(d)) training
reflects Al’s potential to tailor professional development based on individual performance data. 88% used Al for
communication and engagement whereas 78% utilized Al for decision-making. 76% believed Al would play a
significant role in education’s future whereas 78% believed it would improve everyone’s efficiency (Figure 3).

Nevertheless, the study also confirms concerns about Al. Respondents expressed reservations about data
security and the loss of human interaction, echoing scholarly warnings about privacy, algorithmic bias and over-
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automation. These concerns underscore the need for robust governance frameworks, continuous monitoring of Al
algorithms for fairness, and a balanced approach that preserves human judgement in HR decisions. Educational
institutions should invest in cybersecurity measures and develop clear policies on data use to protect sensitive
information.

5. CONCLUSION AND RECOMMENDATIONS

This paper demonstrates that artificial intelligence can improve human resource management in the education
industry by transforming the HR role towards non-administrative, data-driven decision-making. Al enhances
recruitment, workforce planning and employee development as well as supplementing human judgement. Its success
is based on organisational preparedness, such as ethical governance, transparency, cybersecurity and ongoing skill
building. The implementation of Al in institutions should be within a human-centred system that upholds fairness and
trust. Despite its small sample size, which is in India and the UAE, the study is insightful. Future studies ought to
include the long-term effects, intercountry comparison, and the changing role of human-Al collaboration in HR
practices.

Limitations of this study include the small sample size and its focus on Indian educational institutions, which
may limit generalizability. Future research should consider larger, more diverse samples and examine longitudinal
outcomes of Al adoption in HRM. Qualitative studies could explore employees’ experiences with Al-enabled HR
systems and investigate ways to integrate human and machine collaboration effectively.
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